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Abstract 
This paper mainly studies the trust and distrust of users in the online short rent industry 
under the background of sharing economy. Firstly, Delphi method is used to explore the 
factors that affect the trust and distrust of users in the online short rent platform. Then, 
according to the determined influencing factors, joint analysis and design are carried out 
and data collection are conducted. Next, joint analysis method is used to analyze users' 
preferences for the factors of trust and distrust in the online short rent platform. At last, 
we use cluster analysis to classify the users, divide them into three categories, and name 
them according to the different preferences of the three categories of users. Then we 
further analyze the attention of different preference categories of online short rent users 
to the factors of trust and distrust, and analyze the differences of the three categories of 
users in demographic factors. According to the analysis results, some suggestions are put 
forward to solve the user trust problem of online short rent platform. 
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1. Introduction 

In recent years, the sharing economy has gradually become a very important new business 
model. It focuses on the ability to share products and experiences and encourages people’s 
consumption behavior to change from purchasing to sharing. This business model not only 
improves social resources Utilization rate also reduces consumer spending [1-2]. According to 
data from Roland Berger, the global sharing economy market trade volume in 2018 was US$520 
billion. In China, the sharing economy market is also growing rapidly. In 2018, the scale of 
market trade increased to 7505.0 billion yuan. Due to the huge market, many sharing economy 
companies are emerging at home and abroad. As an important form of sharing economy, the 
online short-term rental industry (homestay) has great development prospects both in foreign 
and domestic countries. There are well-known online short-term rentals abroad. On the Airbnb 
platform, a large number of online short-term rental platforms such as Xiaozhu Short-term 
Rental, Tujia, and Meituan B&B have emerged in China. According to the "Annual Report on the 
Development of China's Sharing Economy 2019", the number of online short-term rental 
consumers in China reached 7,945 in 2018. Ten thousand people, but it can also be found in the 
report that online short-term rental expenditures account for only 6.1% of per capita 
accommodation expenditure. This shows that there are still relatively few users who choose to 
use online short-term rentals during travel. What causes such a The problem? We believe that 
this is closely related to trust and distrust. 
In traditional e-commerce transactions, due to information asymmetry and economic risks, 
trust issues have always been a major obstacle to transactions [3]. Traditional e-commerce 
transactions only involve economic risks, but in the sharing economy, especially online short-
term rentals, require offline contact with strangers, which adds some personal safety risks. 
Because of this, the risks faced by consumers make trust a core issue for online short-term 
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rental platforms. Therefore, in order to promote the development of online short-term rental 
platforms, it is necessary to study some issues of user trust in online short-term rentals. 
In the past, many documents have studied the trust problem in traditional e-commerce and 
proved that trust is indeed an important factor affecting online transactions [4-7]. In recent 
years, scholars have also been studying the trust issues involved in online short-term rental 
platforms, most of which are foreign scholars’ research on the Airbnb platform [8-9]. There is 
still relatively little research on the user trust of online short-term rental platforms in the 
Chinese context. Therefore, this article takes the Chinese online short-term rental platform 
Xiaozhu Short-term as an example to study the factors affecting user trust and distrust, and 
explore users’ trust and distrust Factors’ preference, according to our research purpose, ask the 
following two questions: 
1) What are the factors that affect the trust and distrust of online short-term rental platform 
users? 
2) What are the preferences of online short-term rental platform users for these influencing 
factors? Do different types of users have different preferences? 
In response to the above two issues, we use the Delphi research method, joint analysis method 
and cluster analysis method to conduct research and exploration to analyze the preferences of 
online short-term rental platform users’ trust and distrust factors. This research is helpful for 
online short-term rental platforms. Understanding the reasons for platform users’ trust and 
distrust and the preferences of different users for trust and distrust factors, formulating policies 
for online short-term rental platforms, improving user trust levels, and reducing user distrust 
levels have certain reference significance. 

2. Literature Review 

Trust has always been an important factor in commercial transactions and commodity 
exchanges, because it can bring consumers a high degree of confidence and gain user 
experience [10-11], especially when information is asymmetrical and full of huge uncertainties 
and Risks (for example, privacy leakage, property loss) online trading market [4]. Whether trust 
can directly affect transactions, many scholars have conducted a series of studies on trust issues. 
For example, in the study of online short-term rental platforms, Zervas et al. published a 2015 
study on Airbnb platform users’ online ratings and comments. Second-hand data analysis found 
that users of the Airbnb platform generally have high online ratings, which cannot fully reflect 
the quality of listings and services, but these online ratings, especially reviews, can increase the 
user’s tendency to trust and generate ordering intentions [9]. Ert et al. found through 
experiments that photos of online short-term rental platform landlords can affect user trust. 
This is a kind of visual-based trust. Users have used visual perception to increase their trust in 
the landlord itself, thereby increasing their trust in the quality of listings[ 8]. Wu et al. (2017) 
found that landlord attributes such as reservation confirmation time, tenant reservation 
acceptance rate, number of houses, whether the personal information page is public, and 
landlord’s gender can affect user trust, which in turn affects online short-term rental 
transactions [12]. Xie Xuemei et al. studied the characteristics of the user subject of the Xiaozhu 
short-term rental platform and found that the characteristics of the user subject are the key 
factors affecting the formation of trust [13]. 
The above studies have focused on the influencing factors or causes of user trust in online short-
term rental platforms, but they have not paid attention to the user’s distrust factors [14]. In 
many traditional trust studies, distrust is regarded as the opposite of trust. To treat, believe that 
trust and distrust are the two poles of a problem, and solving the problem of trust also solves 
the problem of distrust [15-16]. However, Lewicki et al. (1998) believe that trust and distrust 
are separated, but they are interrelated. There are differences in the factors that lead to the 
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growth of trust and distrust. More specifically, the opposite of trust is the lack of trust needs. 
Instead of distrust, they also confirmed the four relationship conditions of trust and distrust: 
low trust/low distrust, high trust/low distrust, low trust/high distrust and high trust/high 
distrust [17]. In recent years, more and more studies have found that trust and distrust are a 
bipolar structure. They are not the same problem. Mckinght (2006) used theoretical and 
empirical methods to affirm trust and distrust in the study of students’ use of legal websites. 
Distrust is separated, and it is possible for trust and distrust to exist at the same time [18]. 
Dimoka (2010) showed in a neuroscience research that trust and distrust come from different 
cognitive parts of the brain. Their production will activate different brain responses and 
produce different effects [19], which also shows that trust It is different from distrust, so this 
study will measure the factors that affect trust and distrust separately, and not just study the 
factors that affect trust. 
Based on the above summary of the trust and distrust literature of online short-term rental 
platforms, we will explore the factors that affect trust and distrust in the following research, 
and consider the user's preference for trust and distrust influencing factors. 

3. Delphi Research 

This paper studies the factors that affect the trust and distrust of online short-term rental 
platform users in the sharing economy. First of all, we must determine the factors that affect 
the trust and distrust of online short-term rentals. Due to the trust and distrust of online short-
term rentals in the sharing economy Research on the factors of distrust is still relatively small, 
so this article uses the Delphi method for exploratory research. 
This article uses two groups of interviewees to form experts to conduct Delphi research. The 
first group of interviewees are active users with extensive experience in the use of online short-
term rental housing; the second group of interviewees are researchers with more in-depth 
research in the field of sharing economy. Based on Delphi’s recommendations, we selected 25 
people as members of the expert group. At the same time, we have balanced the numbers of the 
two groups, with 13 respondents in the first group and 12 respondents in the second group, so 
as to avoid the biased influence on the overall results due to the uneven number of the two 
groups. This research strictly follows the standard process of Delphi method investigation, and 
conducts the investigation according to three stages [20]. 
First of all, in the first stage, the first group of 13 active users of online short-term rental housing 
list as many as possible (at least ten types) of information that can be presented on the online 
short-term housing rental platform. After collecting the information listed by these users, we 
sorted out the information, and there are a total of 38 information factors. Secondly, the second 
stage requires all 25 experts to select no less than 10 information factors among the 38 
information factors that they believe will affect trust or distrust. According to statistics, at least 
50% of the information factors selected by the experts are retained in the next stage of the 
survey, and a total of 14 factors are retained. Finally, the third stage requires all experts to 
classify the 14 retained information factors, which are divided into three categories according 
to their degree of influence on trust and distrust: factors that affect trust, factors that affect 
distrust, and trust and distrust at the same time. Factors of distrust. The classification process 
at this stage is divided into two rounds of classification, until the experts are satisfied with their 
classification and will not change the investigation until the end. 
After all the surveys are over, in order to verify whether the opinions of all experts are in good 
agreement, we analyze the degree of concentration and coordination of expert opinions[21], 
and more than 50% of the experts agree with all the classification information factors. It shows 
that the concentration of expert opinions is good. The degree of coordination of expert opinions 
is measured by CV (coefficient of variation) [22]. It is found that except for the information 
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factor that can cancel the risk (CV>0.8), the degree of coordination of other information factors 
is within the acceptable range, so this is excluded. In one item, it is concluded that there are 13 
factors that affect trust or distrust (see Table 1).  
According to the information factors influencing trust and distrust obtained by the Delphi 
method, this article divides these information factors into four categories: authentication 
information (super landlord, real-name authentication, authenticity verification, real shots, 
sesame credit); picture information (Real shot, picture content); text information (personal 
description, internal situation, landlord’s requirements for tenants); seller service information 
(real name authentication, review scores, user reviews, sesame credit, order acceptance rate 
and number of orders). From the above classification, it can be found that the authentication 
information category is related to picture information, text information, and seller service 
information. Therefore, this article will mainly divide the factors that affect trust and distrust 
into three types: picture information, text information, and seller service information. 
According to these three factors that affect trust and distrust, we come to design the following 
preference research program. 
 

Table 1. Classification result statistics of Delphi method 
Classification Information Agree rate Coefficient 

Factors affecting trust 

Picture content 91.3% 0.316 
Personality description 73.9% 0.607 

Landlord's requirements for tenants 65.2% 0.747 
Super host 91.3% 0.316 

Factors affecting distrust Verified 69.6% 0.676 

Factors affecting trust and 
distrust at the same time 

 

Verification 65.2% 0.747 
Real shot 65.2% 0.747 

Purchaseable cancellation insurance 
(deleted) 

60.9% 0.820 

Internal situation 78.3% 0.539 
Comment score 78.3% 0.539 

user comment 
(Text+picture) 

69.6% 0.676 

Credit 65.2% 0.747 
Order acceptance rate 65.2% 0.747 

number of order 69.6% 0.676 

4. Research Design 

Since this article needs to study the preferences of online short-term rental platform users for 
trust and distrust influencing factors, after determining the three influencing factors of text 
information, picture information and seller services, we use joint analysis methods to conduct 
research questionnaire design and joint analysis Different product attributes can be simulated 
according to different levels of text information, picture information and seller services, and the 
simulated product scenarios can be made into questionnaires, allowing users to score products 
with different attributes, and analyze user preferences according to the scores of the products 
Condition. 
When using conjoint analysis, we must first determine the attributes of commodities [23]. The 
attributes of commodities in this study are three factors that affect user trust and distrust: text 
information, picture information, and seller services. After determining the attributes of the 
product, each attribute of the product is divided into attribute levels [23]. This study divides 
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the text information into three levels: simple description, general description, and specific 
description; and image information is divided into: landlord’s selfie and home shots; the seller's 
service is divided into three levels: high credit, high service efficiency, and high order quantity. 
After completing the attribute level division, it is necessary to combine each attribute level to 
form a product scenario. If all existing product scenarios are measured, the "full profile" [23] 
method can be used for attribute combination, but the "full profile" method is used to obtain 
the product There are too many scenarios. Orthogonal design in SPSS is generally used to select 
a certain number of commodity scenarios to represent all commodity scenarios. This study uses 
orthogonal design to obtain 9 commodity scenario designs (see Table 2). 
After the product scenario design is completed, a questionnaire can be issued to conduct a 
survey. During the survey process, users are required to score or rank these 9 product scenarios 
with different attribute level combinations. This research takes the form of scoring. After the 
data is collected, SPSS can be used for joint analysis to obtain the importance level of each 
attribute [23]. The importance level can be used to judge the user's preference and the utility 
value of each attribute level can also be obtained [23]. The level of the utility value represents 
the degree to which the attribute level is paid attention to by the user. 
After the initial joint analysis, the utility value obtained can be used for in-depth analysis. This 
study adopts a cluster analysis method to deeply explore the preferences of different types of 
users' trust and distrust factors. 
 

Table 2. Conjoint analysis method to simulate the design of product scenarios 
serial number Picture attribute Text attribute Service attribute 

1 Home shots generally Credit High 
2 Home shots specific High service efficiency 
3 Home shots specific High o  rder quantity 
4 Home shots generally High order quantity 
5 Landlord selfie simple High order quantity 
6 Home shots simple High service efficiency 
7 Landlord selfie generally High service efficiency 
8 Landlord selfie specific Credit High 
9 Home shots simple Credit High 

5. Data Analysis and Results 

This data analysis is carried out using SPSS23.0 software, including joint analysis and cluster 
analysis. The data analysis part consists of three steps: the first step is to conduct joint analysis 
on the collected data, and make a preliminary judgment on the influence of online short-term 
rental platform on user trust and dissatisfaction. The importance level of the trust factor 
(degree of preference), and the utility of each influencing factor is worthy of being divided into 
subsequent cluster analysis to prepare; the second step is to explore whether different users 
have different preferences for trust and distrust influencing factors. Use the utility value 
obtained from the preliminary joint analysis to perform cluster analysis on the 298 users 
surveyed by the questionnaire, subdivide the users according to the clustering results, and 
further analyze the subdivided groups of users in the third step; third; Step, according to the 
subdivided users determined by the cluster analysis, conduct a joint analysis of each group, 
name each group of users and analyze the importance level of the online short-term rental 
platform that affects the trust and distrust factors of each group of users (degree of 
preference) ), and compare the differences in the level of importance (degree of preference) of 
the influencing factors between each group.  
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5.1. Descriptive Statistics 
This study uses the form of online questionnaires to collect data. The total number of 
questionnaires collected is 359. At the same time, we select strictly according to the quality of 
the questionnaire answers to ensure the authenticity and reliability of the data samples. 
Therefore, 61 questionnaires were excluded because of repetitive (using the same IP address 
to answer) and ambiguities (more than 80% of the items had the same score, failed to pass the 
logical trap test of the questionnaire, and the filling time was too short). Obtained 298 
questionnaires, descriptive statistics (see Table 3), the proportions of males and females were 
45.3% and 54.7%, respectively, the gender composition is relatively average, the age is mainly 
concentrated between 21-30 years old, most of the young users, this It also shows that online 
short-term rental platform users are mostly young people who like to accept new things. In 
terms of education level, undergraduate/college education accounts for 76.8%, which is the 
largest proportion. The occupations are mainly corporate employees and students, accounting 
for 44.3% and 37.9 respectively. %, the income level is mostly above 5,000 yuan (excluding 
students who belong to the non-income group), indicating that users of online short-term rental 
platforms have certain financial capabilities. 
 

Table 3. Descriptive statistics 
Sample attributes Statistical variables Number of samples  Percentage 

gender 
 

male 135 45.3% 
Female 163 54.7% 

age 

20 years old and below 24 8.1% 
21-25 years old 154 51.6% 
26-30 years old 78 26.2% 
31-40 years old 37 12.4% 

41 years old and above 5 1.7% 

education level 

High school and below 8 2.7% 
Undergraduate/College 229 76.8% 

Postgraduate 58 19.5% 
PhD student 3 1.0% 

profession 

Administration and institutions 37 12.4% 
Corporate staff 132 44.3% 

student 113 37.9% 
Self-employed persons 16 5.4% 

Disposable income level 

Below 1000 yuan 37 12.4% 
1001-3000 yuan 70 23.5% 
3001-5000 yuan 59 19.8% 
5001-8000 yuan 105 35.2% 

8000 yuan or more 27 9.1% 

5.2. Conjoint Analysis 
First, perform a preliminary joint analysis. The joint analysis needs to be implemented by 
running a code program in SPSS. The results of the joint analysis are as follows (see Table 4). 
First, verify the fit level of the joint analysis model, the coefficients of Pearson R and Kendall's 
tau Respectively 0.996 and 0.994, both are greater than 0.7, and the significance level is 0.000, 
which shows that the joint analysis model has a good degree of fit [24]. It can be more accurate 
to explain the factors that affect trust and distrust in the online short-term rental platform. Then 
the importance of the three factors can be used to illustrate the overall user preference for the 
three factors that affect trust and distrust in the online short-term rental platform. The 
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importance of pictures is 25.05%, and the importance of text is 52.34%. Sellers The importance 
of service is 22.61%, so in terms of overall user preference, text is the most important, pictures 
are second, and sellers serve last. In terms of the utility value of the specific level, the utility 
value specifically described is the highest, and the lowest is the landlord's selfie. 
 

Table 4. Conjoint analysis 
Factor  level Importance value  Utility value 

picture 
Home shots 

25.05 
1.006 

Landlord selfie -1.006 

Word 
simple description 

52.34 
-2.154 

General description 0.110 
specific description 2.143 

Seller Service 
Credit 

22.61 
-0.290 

Service efficiency -0.210 
quantity of order 0.500 

Pearson R 0.996*** 
Kendall tau 0.944*** 

5.3. Cluster Analysis 
In order to study the preferences of different users for trust and distrust factors, this study 
clustered the entire sample based on the utility value of each sample obtained in the 
preliminary joint analysis. Refer to Sun's analysis steps, and use the three-stage method to 
cluster the samples in the process of clustering analysis [25]. The first step is to use the 
hierarchical clustering method, use the ward method (the squared deviation method) and use 
the squared Euclidean distance as a measure to cluster 298 cases. The principle is to look at the 
298 cases first. As a separate 298 categories, the sum of squared deviations is 0 at this time. 
When the clustering starts, the variance between the centers of gravity is calculated, and the 
two categories with the smallest increase in the sum of squared deviations are merged each 
time, until all cases are merged. In one category, the sum of squared deviations will increase 
each time the merging is performed. The two categories with the smallest increase in the sum 
of squared deviations are always selected for merging. The ward method calls the added sum 
of squared deviations distance between the two categories as the distance between classes. Use 
the increase of the sum of squared deviations in the merging process to judge the number of 
classes, and find the classification points where the first increase in the sum of squares of 
deviations is significantly greater than the previous increase. We find that when the clustering 
coefficient is from three to four, the jump difference of the coefficient is obviously greater than 
the difference between the previous adjacent stages, so the number of clusters is considered to 
be 3; Exploratory research on the number of classes. According to the automatic clustering table 
of the second-order clustering, comparing the BIC value, the BIC change rate and the distance 
measurement ratio of each cluster number, it can be found that the BIC value of the three classes 
is small, and the BIC change rate is The cluster measurement ratio is the largest, so the optimal 
number of clusters is considered to be 3, which verifies the number of clusters of hierarchical 
clustering; the third step is to perform K-Means clustering on the sample according to the 
number of clusters determined in the first two steps, and Use analysis of variance to verify the 
clustering effect (see Table 5), showing that the P value is less than 0.05, so it can indicate that 
the clustering effect is good, and there are significant differences between the types. At the same 
time, after clustering into three categories, each category has a clear and meaningful 
explanation. I have also tried classifications of four categories or higher, and found that it cannot 
have a clear and meaningful explanation compared with the existing classifications, so I 
determined The number of clusters is 3. 
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Table 5. ANOVA analysis 
 Cluster Mean  Square Mean Square Error  F Significance 

Real shots of pictures 4.530 0.480 9.390 0.000 
Picture Host Selfie 4.530 0.480 9.390 0.000 

Simple text 86.200 0.360 238.260 0.000 
General text 1.620 0.370 4.360 0.014 
Text specific 64.190 0.380 169.410 0.000 
Credit High 49.640 0.490 101.510 0.000 

High service efficiency 17.930 0.570 31.270 0.000 
High order quantity 73.880 0.410 179.530 0.000 

 
After determining the number of clusters into three categories, the results of the cluster 
analysis: the first category (N=46), the second category (N=27), and the third category (N=225) 
users are separately analyzed jointly. After the results are obtained, the fit level of the three 
types of joint analysis models is first verified. The coefficients of Pearson R and Kendall's tau of 
the three types of samples are all greater than 0.7, and the significance level is 0.000. The fit 
levels of the three types of models are all Good. We have listed various importance values and 
utility values (see Table 6). We use the importance attribute to represent the user’s preference 
degree, name the three types of segmented users, and discuss the user’s perception of trust and 
distrust factors. Preferences, as described below: 
1) Balanced preference: Compared with other categories, the importance of the factors affecting 
trust and distrust of this category is relatively balanced, that is, the importance of image 
attributes is 29.9%, the importance of text attributes is 33.4%, and seller service attributes It is 
36.16%, indicating that this type of users pay attention to three factors at the same time. Among 
them, the specific description of the text attribute has the highest utility value. In addition, the 
number of orders served by the seller and the actual shooting in the image attribute have a 
higher utility value, indicating that this type of user is concerned about the quality of the image, 
whether the text description is specific, and the number of previous orders. 
2) Service preference: This category of users pay more attention to the two indicators of Zhima 
credit and service efficiency. The table shows that the two indicators of Zhima credit and service 
efficiency among the factors affecting trust have the highest utility value, and the importance 
value of service attributes has reached 46.47%, which accounts for the highest proportion of 
the three attributes, can indicate that users in this category are more inclined to pay attention 
to service attributes in the factors of trust and distrust, and other attributes account for a 
smaller proportion in this category. 
3) Text preference: This type of user pays particular attention to text factors in the trust and 
distrust factors of online short-term rental platforms. It is hoped that the text description can 
be as detailed as possible. The more detailed the description, the more trust the user will be. 
This type of user the utility value specifically described in the Chinese character attribute is the 
highest. At the same time, the importance value of the character attribute in this classification 
is 58.73%, which is much higher than the important value of the other two attributes, indicating 
that this type of user is among the factors of trust and distrust. It is more inclined to focus on 
text attributes. 
In the table, we can also find that no matter which type of user they are, they pay more attention 
to the text description attribute. At the same time, the users of the text preference category are 
also the most (N=225), indicating that detailed text description can be more effective. More 
users generate trust when using online short-term rental platforms. 
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Table 6. Various user preferences 

Factor level 

Type 1 (N=46) 
Balanced preference 

Type 2 (N=27) 
Service Preference  

Type 3 (N=225) 
Text preference 

Importan-ce 
value 

Utility 
value 

Importan-ce 
value 

Utility 
value 

Importan-ce 
value 

Utility 
value 

picture 
Home shots 

29.90% 
1.185 

22.91% 
0.481 

24.31% 
1.113 

Landlord 
selfie 

-1.185 -0.481 -1.113 

Word 

simple 
description 

33.94% 

-1.254 

30.42% 

-0.259 

58.73% 

-2.520 

General 
description 

-0.101 -0.259 0.076 

specific 
description 

1.355 0.519 2.443 

Seller 
Service 

Credit 

36.16% 

-1.449 

46.67% 

0.852 

16.95% 

-0.191 
Service 

efficiency 0.130 0.716 -0.367 

quantity of 
order 1.319 -1.568 1.113 

Pearson R 0.986*** 0.986*** 0.995*** 
Kendall tau 0.944*** 0.944*** 0.944*** 

 
Table 7. Various demographic differences 

Sample 
attributes 

Statistical variables 
 Type 1 (N=46) 

Balanced 
preference 

Type 2 (N=27) 
Service 

Preference 

Type 
3(N=225) 

Text 
preference 

gender 
male 41.3% 33.3% 47.6% 

Female 58.7% 66.7% 52.4% 

education level 

High school and below 0% 0% 3.6% 
Undergraduate/College 65.2% 0% 79.6% 

Postgraduate 32.6% 74.1% 16.0% 
PhD student 2.2% 25.9% 0.9% 

profession 

Administration and 
institutions 

10.9% 14.8% 12.4% 

Corporate staff 28.3% 33.3% 48.9% 
student 54.3% 44.4% 33.8% 

Self-employed persons 6.5% 7.4% 4.9% 

 
According to the clustering situation, we also observed the demographic differences of each 
type of user, and selected several demographic indicators with obvious differences (see Table 
7), and found that the first type (balanced preference) and the proportion of the third category 
(text preference) is basically the same, but the proportion of women in the second category 
(service preference) accounts for 66.7%, which is more than half. It can be inferred that women 
prefer to consider service factors when considering trust and distrust factors; In terms of 
education level, it is found that the first type (balanced preference) and the third type (text 
preference) are mainly undergraduates, while the second type (service preference) has a larger 
proportion of graduate students, reaching 74.1%. Therefore, it is speculated that When 
considering trust factors, users with a postgraduate degree are more inclined to consider 
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service factors; the three types of professional users are mainly corporate employees and 
students, which explains the current main user groups of online short-term rental platforms. 

6. Conclusion 

The preliminary joint analysis results found that text information has the highest level of 
importance, which means that online short-term rental platform users have the highest 
preference for text information. This shows that whether the text is detailed has the greatest 
impact on user trust and distrust. This In order to require online short-term rental platforms 
to pay attention to the text description of the listing, the platform can call on the landlord on 
the platform to optimize the text description of the listing. Three methods can be adopted. The 
first is that the platform provides the landlord with a professional and standardized text 
description. Model, the landlord can make personalized modifications to their own listings on 
the template provided by the platform; the second is that the platform can extract products 
with detailed listing descriptions for priority display based on the optimization of the 
corresponding algorithm, and incentivize the landlord to show Source descriptions are 
modified and detailed; the third is to encourage landlords to find professional copywriters to 
help make detailed listings descriptions to increase user trust and reduce distrust. 
Based on the preliminary joint analysis, a cluster analysis was carried out. The cluster analysis 
in this study divided users into three categories, and then according to the different preference 
levels of the three categories of users, the users were divided into: balanced preference, service 
preference and text preference in the third category, the utility value of Zhima credit and 
service efficiency is the highest among service preferences, indicating that these two indicators 
can more affect user trust and distrust. Online short-term rental platforms should encourage 
landlords to authenticate Zhima credit and encourage landlords to actively improve service 
efficiency. . At the same time, based on the comparison of the demographic factors of the three 
types of users, we found that the three types of users are different in terms of gender, education 
level, and occupation. Most service preferences are women, which shows that women are 
considering trust and distrust factors. At the same time, they prefer to consider service factors. 
At the same time, graduate students with service preferences account for more. This shows that 
graduate students prefer to consider service factors when considering trust and distrust factors. 
According to these clusters and subsequent analysis, we can find that different types of users 
have different preferences for trust and distrust factors. This requires online short-term rental 
platforms to segment users according to different users, and at the same time According to the 
characteristics of segmented users, some optimizations are made to the listing product 
recommendation algorithm, so that users with different trust and distrust preferences can see 
the listings with the features they care about most when choosing a listing, thereby greatly 
improving the user's trust level, Facilitate user ordering. 
On the premise of exploring the trust and distrust factors of online short-term rental users 
according to the Delphi method, this study uses conjoint analysis and cluster analysis to analyze 
the trust and distrust factors of different types of users in the online short-term rental platform. 
According to the analysis the results discussed some specific methods and measures for online 
short-term rental platforms to increase user trust and reduce distrust. The contributions of this 
research are as follows: First, some issues concerning the trust of users of online short-term 
rental platforms under the Chinese scenario are discussed. Second, the consideration of distrust 
factors is introduced in the trust research of online short-term rental platforms. Third, it uses 
conjoint analysis and cluster analysis to analyze the preference levels of different types of users' 
trust and distrust factors. This research also has some shortcomings: First, the research sample 
has limitations. The research sample in this article is mostly young people, and the trust of 
middle-aged and elderly people in online short-term rental platforms cannot be considered. At 



Volume 2 Issue 12, 2021 

DOI: 10.6981/FEM.202112_2(12).0079 

602 

Frontiers in Economics and Management 

ISSN: 2692-7608 

the same time, the sample size is only 298, which is still It is relatively rare. Second, the factors 
affecting trust and distrust in this article are extracted based on the housing information 
displayed on the online short-term rental platform, without considering other factors that can 
affect the trust and distrust of online short-term rental platform users. In the future, other 
factors that affect the trust and distrust of online short-term rental platform users can be 
studied. 
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