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Abstract 

The problem of money laundering in the development of inclusive finance can not be 
ignored. The reason is that by strengthening the risk of inclusive finance, money 
laundering endangers the stability of the financial system and aggravates the negative 
effects of inclusive finance. After considering the factor of money laundering, we re-
examine the relationship between inclusive finance and economic growth, and find that 
with the increase of the risk of money laundering, the negative effect of inclusive finance 
on economic growth is significantly enhanced. Therefore, the development of inclusive 
finance should strive to be sound in order to avoid the risk of money laundering 
endangering economic growth. 
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1. Introduction 

Since the concept of inclusive finance (Financial inclusion) was first put forward by the United 
Nations in the International year of Microfinance in 2005, a number of international 
organizations, such as the United Nations and the World Bank, have devoted themselves to 
promoting the development of inclusive finance on a global scale. The theoretical basis is that 
the lack of access to funds for small businesses and poor families is an important mechanism 
for persistent income disparity and economic growth slowdown. Inclusive finance may 
improve social welfare and promote inclusive economic growth. From the practical results, the 
impact of inclusive finance on economic growth has not reached a consistent conclusion. The 
implementation of inclusive finance promotes the economic growth of specific countries or 
regions (Kpodar & Andrianaivo,2011; Zhou Bin et al., 2017; Zhong Runtao, 2018), but from an 
international perspective, inclusive finance has a negative effect on economic growth as a whole 
(Li Tao et al., 2018). 

Can inclusive finance play a due role in promoting economic growth? This depends on which of 
the positive and negative effects of inclusive finance are strong or weak. The positive effect of 
inclusive finance is that the expansion of the coverage of financial services can reduce the 
mobility constraints of the poor and small and micro enterprises, thus affecting consumption, 
income and investment (Karlan & Zinman,2009;Dupas & Robinson,2013a, 2013b). A study by 
Anand & Chhikara (2013) found that every 1% increase in financial inclusion increases the 
value of the human development index by an average of 0.142%. The negative effects of 
inclusive finance have three levels of meaning. First, the implementation of inclusive finance 
will directly lead to risks. According to the analysis of Chen Ke (2017), inclusive finance not only 
faces the same risks as traditional finance (including market risk, liquidity risk and national 
risk), but also has greater credit risk and operational risk than traditional finance because of 
the particularity of its coverage. Inclusive finance will also produce a series of derivative risks, 
including money laundering, cash out and so on. With the deepening of financial digitization, 
inclusive finance will also increase the difficulty of anti-money laundering (Wu Shandong, 
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2019). Second, when risks accumulate to a certain extent, inclusive finance may undermine 
financial stability. Inclusive finance is a double-edged sword for financial stability. If inclusive 
finance brings a healthier household and small business sector, it will help to enhance 
macroeconomic (and financial system) stability (Cull et al.,2012). Conversely, the 
implementation of inclusive finance may destabilize financial stability. For example, Khan 
(2011) believes that the inclusion of vulnerable groups such as the poor in the banking system 
may lower the loan evaluation standards of banks, increase the reputation risk of financial 
institutions, and increase the systemic risk of financial institutions if operational risks and 
imperfect organizations and regulations of small loan companies are taken into account. Third, 
the extent to which inclusive financial risks harm economic growth depends on the 
effectiveness of regulation. Inclusive finance can be counterproductive if broad access to formal 
financial services cannot be managed within a regulatory framework. In particular, the dual 
goals of financial stability and financial inclusiveness can be said to be two aspects of the same 
coin, and the conflict between the two can be minimized only under a sound risk mitigation 
framework. 

The problem of money laundering in the development of inclusive finance can not be ignored. 
The reason is that by strengthening the risk of inclusive finance, money laundering endangers 
the stability of the financial system and aggravates the negative effects of inclusive finance. The 
strengthening of inclusive financial risk caused by money laundering is shown in the following 
aspects. First, poor and low-income groups have low cultural quality and weak risk awareness, 
and their identity information is easy to be used by lawbreakers for money laundering. In our 
country, there is a deficiency in the illegal nature and criminal conviction of individual rental, 
lending and selling accounts, and even a professional industrial chain such as bank card opening, 
acquisition and resale has been formed in society (Yang Xuexing, 2019). Second, customer 
identification and risk classification are more difficult. Commercial banks' initial identification 
and risk classification of customers is the first line of defense in anti-money laundering work. 
Strict due diligence often requires customers to provide relevant identity, credit, income and 
other proof materials. However, poor and low-income people can provide limited materials, 
and generally have a low level of education, do not understand the relevant rules and 
regulations of anti-money laundering, and can provide very little information and information. 
Third, suspicious transactions cover a wide range of areas, transactions are more scattered and 
hidden, and due diligence is more difficult. With the promotion of inclusive finance, more and 
more poor and low-income people are included in the scope of financial services. The 
transaction characteristics of this group are often small, frequent transactions, and not easy to 
attract attention, while lawbreakers often take advantage of the loopholes. Borrow the name of 
inclusive finance, through the above groups as intermediaries to obtain, misappropriate and 
transfer loans, so that the loan funds are not used in the field of inclusive finance. Under the 
existing criteria for judging suspicious transactions, it is not easy to be detected by monitoring 
(Liu Xi and Bao Changhe, 2019). 

To sum up, whether inclusive finance can promote economic growth or not depends on the 
comparison between the positive and negative effects of inclusive finance, which is the reason 
why the current literature has not reached a consistent conclusion. In fact, there are many risk 
factors leading to the negative effects of inclusive finance, and the literature focusing on this 
issue focuses on the theoretical level, and there are few empirical tests based on empirical data. 
In view of the lack of existing literature, this paper selects the panel data of 105 countries, uses 
the static panel data model to re-test the relationship between inclusive finance and economic 
growth, and includes the factor of money laundering into the model, and finds that with the 
increase of the risk of money laundering, the negative effect of inclusive finance on economic 
growth is significantly strengthened. 
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The follow-up part of this paper is arranged as follows. The second part constructs inclusive 
financial index and money laundering attractiveness index; the third part is model design and 
data description; the fourth part is empirical results and analysis; finally draw conclusions and 
policy implications. 

2. Index construction 

2.1. The Construction of inclusive Financial Index 

2.1.1. Selection of indicators 

The data for the compilation of the inclusive financial index are derived from the International 
Monetary Fund's financial availability survey database (Financial Access Survey) and the World 
Bank's global financial inclusion database (Global Findex), data range from 2013 to 2018. 
Drawing lessons from the research of Wu Xuchuan and Xiao Xiang (2014), combined with the 
availability of data, this paper selects 11 indicators from three dimensions: availability, use and 
quality to build an inclusive financial index system. The specific indicators are shown in Table 
1. 

 

Table 1. Inclusive financial index system 
Dimension Index Types Numerical range 

Availability 

Number of branches of commercial banks per 
thousand square kilometers 

Positive direction ≥0 

Number of branches of commercial banks per 100,000 
people 

Positive direction ≥0 

Number of ATMs per thousand square kilometers Positive direction ≥0 
Number of ATMs per 100,000 people Positive direction ≥0 

Number of insurance companies per 100,000 people Positive direction 0-100 

Usage 
Private sector domestic credit as a percentage of GDP Positive direction 0-100 

Commercial bank deposits / GDP Positive direction 0-100 
Commercial bank loan / GDP Positive direction 0-100 

Use quality 
Legal rights protection index Positive direction 0-10 

Credit information depth index Positive direction 0-6 
Credit service coverage Positive direction 0-100 

 

2.1.2. Index calculation 

With reference to the calculation method of Liu Yiwen et al. (2018), first of all, in order to avoid 
the differences caused by the inconsistent dimensions of each index, each index is standardized 
in turn. Since the selected indicators are all positive indicators, the specific standardization 
processes to be carried out, such as formula (1): 

Xij =
xij−mij

Mij−mij
                                                                           (1) 

Where 𝑋𝑖𝑗  represents the index value after dimensionless processing, 𝑥𝑖𝑗 represents the initial 

value, 𝑚𝑖𝑗  represents the minimum value that appears in the index, and 𝑀𝑖𝑗  represents the 

maximum value of its value. 

Secondly, in order to overcome the influence of subjective weighting, the method of weighting 
with coefficient of variation is adopted, which not only weights the indicators under each 
dimension, but also weights each dimension respectively. 

IFIi = 1 −
√ωi1

2 (1−Xi1)2+ωi2
2 (1−Xi2)2+⋯+ωij

2 (1−Xij)2

√ωi1
2 +ωi2

2 +⋯+ωij
2

                                         (2) 
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Formula (2) is expressed as the weight of each index under each dimension, where wij =

Vij/ ∑ Vij
j
i=1 ,Vij = σij/Xij

̅̅ ̅,, wij is the weight of the j index in the i dimension, Vij is the coefficient 

of variation, σij is the standard deviation, and Xij
̅̅ ̅ is the mean. 

IFI = 1 −
√ω1

2(1−IFI1)2+ω2
2(1−IFI2)2+⋯+ωi

2(1−IFIi)2

√ω1
2+ω2

2+⋯+ωi
2

                                         (3) 

The formula (3) is expressed as the weighting of each dimension, where wi = Vi/ ∑ Vi
3
i=1 ,Vi =

σi/Xi̅, wi is the weight of the first dimension, Vi is the coefficient of variation, σi is the standard 
deviation, and Xi is the mean. IFI is the inclusive financial index, which ranges from 0 to 1. The 
higher the value, the higher the degree of financial inclusion. 

2.2. Calculation of the attractiveness of money laundering 

2.2.1. A formula for calculating the attractiveness of money laundering 

Walker (1999) established the first scale measurement model of money laundering in the world, 
and constructed the Walker gravity model of the international flow of black money ((Walker 
Gravity Model, WGM). Walker gravity model focuses on determining the attractiveness index, 
which reflects the money laundering opportunities and risks contained in the financial, 
economic, anti-money laundering system and other factors of a country or region. 

The attractiveness model built by Walker (1999) is: 

ATTRi = GNPi ∗ (3BSi + GAi + SWIFTi − 3CFi − CRi + 15)                          (4) 

Among them, ATTRi is the attractiveness of country i to money launderers, (GNP)i is the per 
capita GNP of country i, BSk is the degree of bank secrecy of country i GAi is the attitude of 
country i towards money launderers, SWIFTi is whether the country is a member of (SWIFT), 
CFi is the conflict index of country i, and CRi is the corruption index of country i. The constant 
term 15 guarantees that ATTR_i is positive.  

Unger (2006, 2007) revised the attractiveness model, taking into account the development of 
national financial markets and the role of Egmont organizations. Because panel data are used 
in this paper, the modified attractiveness model is as follows: 

ATTRit = GDPit ∗ (3BSit + GAit + SWIFTit + FDit − 3CFit − CRit − EGit + 10          (5) 

Among them, GDPit  is the per capita GDP, FDit  of t-year country i is the degree of financial 
market development of t-year country i, EGit is whether t-year country i is a member of (The 
Egmont group) of Egmont organization, and the constant term 10 is to ensure that ATTRk is 
positive. 

2.2.2. Data source and processing 

GDPit  is the per capita GDP of country I in t-year. The data come from the World Bank. 

BSit is the degree of bank secrecy of country i in t. If the law of country i belongs to civil law 
system, its value is 1; if the law of country I belongs to common law system, its value is 2; if 
country i is on the FATF blacklist, whether its law belongs to civil law system or common law 
system, its value is 3. The data come from the 2013-2018 FATF Annual report, the CIA World 
Overview (CIA World Fact Book). 

GAit is the attitude of the country towards money launderers. If country i is a member of FATF, 
its value is 0; if country k is not a member of FATF, but a member of other anti-money 
laundering organization, its value is 1; if country i was not a member of anti-money laundering 
organization before, or has been on the FATF blacklist, but is now a member of anti-money 
laundering organization, its value is 2; if country i has been on the FATF blacklist, its value is 3. 
If country i is still on the FATF blacklist, its value is 4. The data come from the 2013-2018 FATF 
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Annual report, the 2013-2018 Egmont Organization Annual report, and the 2013-2018 
Eurasian Anti-money laundering and Anti-terrorist financing Organization (EAG) Annual 
report. 

SWIFTit is t-year country I is a member of the Global Interbank Financial Telecommunication 
Association. If the bank of country i is a member bank of the organization, its value is 1; 
otherwise, its value is 0. The data come from the 2013-2018 SWIFT annual report. 

FDit = CIBit/GDPit, is the degree of financial market development of country I in t. GDP_it is the 
gross domestic product of country I in t-year, and CIB_it is the total domestic savings of country 
k in t-year. The data come from the World Bank and the International Monetary Fund. 

CFit is the conflict index of country i in t-year. If country i has no conflict, its value is 0; if country 
i is in conflict, its value is 1; if the country is in a state of war, its value is 2. The data comes from 
the Uppsala conflict data project. 

CRit  is the corruption index of country i in yyear. According to the corruption index CPI 
(Corruption Perceptions Index) of Transparency International from 2013 to 2018, the 
adjustment formula is CRit=(100 − CRit)/20. 

EGit  is t-year country i is a member of the Egmont organization. If the financial intelligence 
center (FIU) of country k is a member of the organization, its value is 1; otherwise, its value is 
0. The data come from the annual report 2013-2018. 

3. Model design and data description 

3.1. Model design 

Referring to the modeling framework of Li Tao et al. (2018) and Zhong Runtao (2018), the 
benchmark model of this paper is as follows: 

lnPGDPi,t = β0 + β1lnPGDPi,t−1 + β2IFIi,t + β3
′ Zi,t + ωi + μt + εi,t                   (6) 

This paper uses panel data for empirical analysis, according to the results of Hosman test, 
refuses to explain the original hypothesis that the variables have nothing to do with the residual, 
and the fixed effect model is better than the random effect model. The F test with time virtual 
variable regression shows that there is a significant time effect, so the individual and time 
double fixed effect model is adopted. 

In formula (6), lnPGDPi,t and lnPGDPi,t−1 are the logarithms of the per capita GDP of the t and t-
1 years of the i country, respectively, and IFIi,t is the inclusive financial index of the t year of the 

I country, which is calculated in the second part of this paper. The higher the value of IFIi,t, the 
higher the degree of financial inclusion in a country. The vector Zi,t  is an information set that 

contains other control variables that reveal economic growth, such as the level of inflation, the 
degree of government intervention in the economy, the degree of trade openness, the level of 
urbanization, the final capital formation rate, and the degree of aging. ωi and μt denote the state 
effect and time effect respectively, and εi,t is the residual term. The coefficient in front of each 

explanatory variable in the model can be obtained by calculating the partial derivative of 
equation (6), which represents the change of economic growth rate caused by the change of 
each unit explanatory variable. β1  less than 1 reflects the convergence of the economy, 
indicating that with the improvement of the level of economic development, the rate of 
economic growth is getting smaller and smaller. 

The above model focuses on the impact of inclusive finance on economic growth, but does not 
take into account that the impact may vary with the risk of money laundering, and does not take 
into account the effect of money laundering itself on economic growth. Therefore, on the basis 
of the benchmark model and adding the attractiveness variable of money laundering, this paper 
constructs the following regression equation. 
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lnPGDPi,t = β0 + β1lnPGDPi,t−1 + β2IFIi,t + β3(IFIi,t ∗ lnATTRi,t) + β4
′ Zi,t + ωi + μt + εi,t  (7) 

Among them, lnATTRi,t  refers to the attractiveness index of money laundering, and (IFIi,t ∗
lnATTRi,t) is a multiplicative term, which is used to measure the difference of the impact of 

financial inclusion on economic growth under different levels of money laundering risk. If the 
coefficient 𝛽3  is significantly less than 0, it shows that in countries or regions with greater 
money laundering risk, the implementation of inclusive finance has a greater impact on 
economic growth. 

 

Table 2. List of variables 
Variable 

name 
Variable meaning Construction method Data source 

PGDP 
Economic 

development level 
Logarithm of per capita GDP WDI 

IFI 
Degree of financial 

inclusion 
According to the inclusive financial index 

constructed in this paper 
Inclusive financial 

index 

ATTR 
Money laundering 

risk 

Calculated according to the attractiveness 
formula of money laundering in Walker 

gravity model 

Money laundering 
attractiveness index 

CPI Inflation level CPI WDI 

GOV 
Scale of government 

expenditure 
Government consumption Expenditure / 

GDP 
WDI 

OPEN Trade openness Total import and export volume / GDP WDI 
UB Urbanization level Urban population / total population WDI 

CAP 
Final capital 

formation rate 
Total Capital formation / GDP WDI 

AGE 
Dependency ratio of 

old and young 

The number of people under the age of 14 
(inclusive) and 65 (inclusive) is discussed / 

the total population 
WDI 

 

3.2. Data description and description statistics 

A detailed description of the variables is shown in Table 2. The data used in this paper are from 
the World Bank World Development Index (WDI) database and the IMF financial availability 
survey database (Financial Access Survey, referred to as FAS), FAS database, which provides 
the most comprehensive database of internationally comparable inclusive gold indicators, 
covering more than 189 countries for more than 10 years, including 121 time series about 
financial acquisition and use. The calculation of the attractiveness index of money laundering 
uses many factors, and the scope of data collection is also very extensive, as detailed in the 
second part. The data used for both the explained variables and the control variables are from 
the WDI database of the World Bank. Considering the availability of data, this paper selects the 
balance panel data of 2013-2018 from 105 countries or regions as samples. 

The descriptive statistical results of the data are shown in Table 3. We focus on the inclusive 
financial index (IFI) and the (lnATTR) variable of money laundering attractiveness logarithm. 
The average value of inclusive financial index is 0.205, in which the number of samples larger 
than the average is 300, the minimum value is 0.016, and the maximum value is 0.542. The 
average value of the logarithm of attractiveness of money laundering is 11.432, the minimum 
value is 7.689, and the maximum value is 14.174. Among them, the average value of the 
logarithm of the attractiveness of money laundering in developed countries is 13.054, which is 
significantly higher than the average value of 10.825 in developing countries, indicating that 
the overall risk of money laundering in developed countries is higher than that in developing 
countries. The sound financial system in developed countries is conducive to the rapid 
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operation of funds, and stable investment returns in developed countries are more attractive 
to funds. 

Table 3. Descriptive statistics of variables 
Variable 

name 
Number of 

samples 
Mean 
value 

Standard 
deviation 

Minimum 
value 

Maximum 
value 

lnpgdp 630 8.978 1.306 6.335 11.585 
IFI 630 0.205 0.111 0.016 0.542 

lnATTR 630 11.432 1.374 7.689 14.174 
CPI 630 3.603 5.736 -43.082 48.700 
GOV 630 16.831 5.262 3.865 36.604 

OPEN 630 88.718 52.215 19.101 416.389 
UB 630 61.939 21.130 16.947 99.135 

CAP 630 23.967 7.097 8.135 53.276 
AGE 630 35.091 5.479 14.025 49.528 

 

Table 4. The impact of inclusive finance on economic growth 
lnPGDP (1) (2) (3) 

IFI -0.116* -0.134** -0.141** 
 (-1.88) (-2.29) (-2.55) 

lnPGDP (-1) 0.803*** 0.806*** 0.802*** 
 (12.42) (12.91) (12.61) 

CPI -0.001 -0.001 -0.001 
 (-0.78) (-0.80) (-0.91) 

GOV 0.002 0.002 0.002* 
 (1.39) (1.58) (1.86) 

OPEN 0.000* 0.000 0.000 
 (1.81) (1.45) (1.29) 

UB -0.000 0.000 0.002 
 (-0.07) (0.08) (0.72) 

CAP  0.001*** 0.001*** 
  (3.66) (3.66) 

AGE   0.004** 
   (2.25) 

Constant 1.735*** 1.665*** 1.446** 
 (2.98) (2.93) (2.60) 

Individual fixation effect Control Control Control 
Time fixed effect Control Control Control 

Sample observation number 630 630 630 
Goodness of fit 0.9987 0.9989 0.9979 

 

4. Empirical results 

4.1. Inclusive Finance and Economic growth 

This paper first examines the relationship between inclusive finance and economic growth 
based on the benchmark model of (6). The regression results are shown in Table 4. Columns (2) 
and (3) add control variables on the basis of (1) respectively. The regression results of (1)-(3) 
columns show that no matter how the control variable is selected, the coefficient in front of IFI 
is significantly negative. It is noted that the IFI coefficient in formula (1) is only significant at 
10% level, while that in formula (2) and (3) is stronger and more significant at 5% level, 
indicating that the increase of control variables is reasonable. 

In the regression result (3), the coefficient of IFI is-0.141, which is significant at 5% statistical 
level, indicating that on the whole, the development of inclusive finance suppresses economic 
growth, which is consistent with the conclusion of Li Tao et al. (2018). For every 0.1 unit 
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increase in the inclusive financial index, economic growth decreases by about 1.4 percentage 
points. In the previous period, the logarithm coefficient of per capita GDP was 0.802, which was 
significant at the statistical level of 1%, indicating the convergence of economic growth. The 
factor value of the scale of government expenditure is 0.002, which is significant at the 
statistical level of 10%, indicating that the government has a certain role of intervention in the 
economy, and the increase of government consumption can promote economic growth. In 
addition, the capital formation rate and the dependency ratio of old and young are significantly 
positive at the statistical level of 1% and 5%, respectively, indicating that the higher the capital 
formation rate, the faster the economic growth, which is consistent with the results of the 
existing literature. 

Generally speaking, inclusive finance suppresses economic growth, but the IFI coefficient is 
significantly different in different control variables. For example, the IFI coefficient in 
regression (1) is significantly lower, which reflects the uncertainty of the effect of inclusive 
finance on economic growth. 

 

Table 5. Full sample regression results 
lnPGDP (4) (5) (6) 

IFI 1.091** 1.059** 1.186** 
 (2.12) (2.16) (2.31) 

IFI * lnATTR -0.099** -0.097** -0.109** 
 (-2.30) (-2.41) (-2.56) 

lnATTR 0.045*** 0.044*** 0.045*** 
 (3.03) (3.09) (3.05) 

lnPGDP(-1) 0.764*** 0.768*** 0.763*** 
 (10.79) (11.20) (10.85) 

CPI -0.000 -0.000 -0.001 
 (-0.86) (-0.87) (-1.01) 

GOV 0.001 0.001 0.002* 
 (1.14) (1.30) (1.68) 

OPEN 0.000 0.000 0.000 
 (1.26) (0.90) (0.71) 

UB 0.000 0.000 0.002 
 (0.04) (0.17) (0.84) 

CAP  0.001*** 0.001*** 
  (3.66) (3.70) 

AGE   0.005** 
   (2.37) 

Constant 1.564*** 1.505*** 1.277*** 
 (3.04) (2.99) (2.67) 

Individual fixation effect Control Control Control 
Time fixed effect Control Control Control 

Sample observation 
number 

630.000 630.000 630.000 

Goodness of fit 0.9991 0.9991 0.9981 

 

4.2. Inclusive Finance and Economic growth under different money laundering 
risks 

4.2.1. Full sample regression results 

Considering the risk factors of money laundering, the logarithm of the attractiveness of money 
laundering is put into the regression equation as an adjusting factor, and the regression results 
are obtained as shown in Table 5. (5)-(6) the control variables are gradually increased on the 
basis of the (4) column. No matter how the control variables change, the coefficient of IFI is 
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always positive, and the interaction term between IFI and the logarithm of attractiveness of 
money laundering is always negative. The IFI coefficient is significantly positive at the statistical 
level of 5%, which shows that inclusive finance promotes economic growth, while the 
interaction coefficient is significantly negative, indicating that money laundering weakens the 
role of inclusive finance in promoting economic growth. 

The average value of the logarithm of attractiveness of money laundering in the sample is 
11.419, the maximum value is 14.174, and the minimum value is 7.689. Taking item (6) as an 
example, when the logarithm of attractiveness of money laundering is averaged, the inclusive 
financial index increases by 0.1unit, the economic growth rate changes (1.186-11.419 * 0.109) 
* 0.1100 =-0.59%, that is, the economic growth rate decreases by 0.59%. When the 
attractiveness logarithm of money laundering reaches the maximum, for every 0.1 unit increase 
in the inclusive financial index, the economic growth rate decreases by 3.59 percentage points. 
When the logarithm of the attractiveness of money laundering is minimized, for every 0.1 unit 
increase in the inclusive financial index, the economic growth rate increases by 3.47 percentage 
points. Different money laundering risks in the host country significantly affect the effect of 
inclusive finance on economic growth. Only when the attractiveness logarithm of money 
laundering is 10.881, the positive and negative effects of inclusive finance on economic growth 
are offset, no matter how the inclusive financial index changes, economic growth is not affected. 

4.2.2. Sub-sample regression 

In order to further analyze the impact of money laundering on the economic effects of inclusive 
finance, with reference to the division method of the International Monetary Fund, the 
countries in the sample are divided into developed and developing countries, and their 
regression analysis is carried out. The selection of control variables is the same as in column 
(6). The specific regression results are shown in Table 6. 

 

Table 6. Regression results of developed and developing countries 
lnPGDP developed countries developing countries 

IFI 3.318* 1.243* 
 (1.90) (1.94) 

IFI * lnATTR -0.274* -0.117** 
 (-2.01) (-2.10) 

lnATTR 0.105* 0.043** 
 (1.99) (2.57) 

Lnpgdp(-1) 0.735*** 0.760*** 
 (15.32) (9.48) 

CPI 0.003** -0.001 
 (2.40) (-0.96) 

GOV -0.011 0.002*** 
 (-1.66) (2.96) 

OPEN 0.000 0.000 
 (1.23) (0.72) 

UB 0.004 0.003 
 (0.82) (0.90) 

CAP -0.003 0.002*** 
 (-1.02) (3.74) 

AGE 0.014*** 0.003 
 (3.32) (1.24) 

Constant 0.910 1.225** 
 (1.18) (2.47) 

Individual fixation effect Control Control 
Time fixed effect Control Control 

Sample observation number 168.000 462.000 
Goodness of fit 0.9847 0.9958 
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According to Table 6, the coefficients of IFI and interactive items in the subsample regression 
results have passed the significance test at the statistical level of 10%. The IFI coefficient is 
positive and the interactive coefficient is negative, indicating that money laundering will have 
a significant negative effect on the economic effects of inclusive finance regardless of the degree 
of development of the country. This is consistent with the conclusion of the full sample 
regression results. When the average logarithm of the attractiveness of money laundering is 
13.054, for every 0.1 unit increase in the inclusive financial index of developed countries, the 
economic growth rate decreases by 2.5 percentage points. In developing countries, when the 
average logarithm of the attractiveness of money laundering is 10.825, for every 0.1 unit 
increase in the inclusive financial index, the economic growth rate decreases by 0.24 
percentage points. By comparison, it is found that the risk of money laundering in developed 
countries has a greater negative impact on inclusive financial and economic effects. 

Because the member states of FATF are restricted by the international anti-money laundering 
system, their money laundering risks are obviously different from those of non-member 
countries. Therefore, according to whether the host country is a member of FATF, the samples 
are divided into two categories for regression analysis, the selection of control variables is the 
same as column (6), and the regression results are shown in Table 7. 

 

Table 7. The regression results of FATF member countries and non-member countries 
lnPGDP FATF member states Non-FATF member states 

IFI 1.276 1.378* 
 (1.14) (1.76) 

IFI * lnATTR -0.119 -0.124* 
 (-1.25) (-1.90) 

lnATTR 0.053 0.044** 
 (1.14) (2.59) 

lnpgdp(-1) 0.819*** 0.728*** 
 (11.75) (8.16) 

CPI -0.003*** -0.000 
 (-3.65) (-0.87) 

GOV -0.013* 0.002** 
 (-1.71) (2.12) 

OPEN -0.000 0.000 
 (-0.24) (0.84) 

UB 0.006 0.000 
 (1.69) (0.05) 

CAP -0.003 0.001*** 
 (-0.72) (3.61) 

AGE 0.004 0.005* 
 (0.88) (1.96) 

Constant 0.979** 1.563** 
 (2.20) (2.59) 

Individual fixation effect Control Control 
Time fixed effect Control Control 

Sample observation number 154 476 
Goodness of fit 0.9937 0.9976 

 

From the results of Table 7, it can be found that the regression coefficients of the samples of 
FATF member countries are not statistically significant, but the symbols are consistent with the 
regression results of the whole sample. In the regression results of non-FATF member samples, 
the IFI coefficient is 1.378 and the interaction coefficient is-0.124, both of which are significant 
at 10% statistical level, which is consistent with the regression results of the whole sample. In 
non-FATF countries, when the average value of the logarithm of attractiveness of money 
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laundering is 10.998, the economic growth rate increases by 0.14% when the inclusive financial 
index increases by 0.1 unit, and when the maximum value of the logarithmic attractiveness of 
money laundering is 13.750, the economic growth rate decreases by 3.27%. 

4.2.3. Treatment of Endogenous problems 

Considering the potential endogenous problems of inclusive financial index and the 
attractiveness of money laundering, the lag period of IFI and lnATTR is used as explanatory 
variables to deal with possible reverse causality problems. When the control variable 
corresponds to the (4)-(6) column setting, the regression result is shown in the (7)-(9) column 
in Table 8. The impact of money laundering risk on inclusive financial and economic effects 
remains robust: the higher the money laundering risk, the greater the negative effect of 
inclusive finance on economic growth. Using paragraph (9) as the benchmark, when the 
attractiveness logarithm of money laundering is averaged, for every 0.1 unit increase in the 
inclusive financial index, the economic growth rate decreases by 0.21 percentage points. When 
the attractiveness logarithm of money laundering reaches the maximum, for every 0.1 unit 
increase in the inclusive financial index, the economic growth rate decreases by 2.28 
percentage points. When the logarithm of the attractiveness of money laundering is minimized, 
for every 0.1 unit increase in the inclusive financial index, the economic growth rate increases 
by 2.58 percentage points. 

 

Table 8. Full sample regression results of lagging period 
lnPGDP (7) (8) (9) 
IFI(-1) 0.675* 0.672** 0.835** 

 (1.97) (2.07) (2.35) 
IFI * lnATTR(-1) -0.061** -0.061** -0.075** 

 (-2.14) (-2.21) (-2.45) 
lnATTR(-1) 0.028*** 0.026*** 0.028*** 

 (3.47) (3.54) (3.51) 
lnPGDP(-1) 0.685*** 0.687*** 0.676*** 

 (6.22) (6.29) (5.96) 
CPI -0.000 -0.000 -0.000 

 (-0.64) (-0.62) (-0.73) 
GOV 0.003 0.003 0.003 

 (1.39) (1.55) (1.60) 
OPEN 0.000 0.000 0.000 

 (1.24) (0.75) (0.53) 
UB -0.000 0.000 0.002 

 (-0.02) (0.05) (0.58) 
CAP  0.001** 0.001** 

  (2.06) (2.05) 
AGE   0.005* 

   (1.82) 
Constant 2.438*** 2.416*** 2.208** 

 (2.66) (2.66) (2.60) 
Individual fixation effect Control Control Control 

Time fixed effect Control Control Control 
Sample observation number 525.000 525.000 525.000 

Goodness of fit 0.9986 0.9987 0.9974 

5. Conclusion and enlightenment 

Based on the panel data of 105 countries from 2013 to 2018, this paper constructs the inclusive 
financial index and calculates the attractiveness index of money laundering. on this basis, the 
panel model is used to analyze the relationship between inclusive finance and economic growth 
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under the influence of money laundering risk. The empirical results show that the effect of 
inclusive finance on economic growth is significantly affected by the risk of money laundering. 
The higher the risk of money laundering, the more obvious the negative effect of inclusive 
finance on economic growth. When the risk of money laundering exceeds a certain threshold, 
inclusive finance will restrain rather than promote economic growth. 

The policy enlightenment of this paper is that countries with high risk of money laundering 
should take a cautious attitude towards the development of inclusive finance, fully consider the 
risk of money laundering contained in inclusive finance, and take corresponding 
countermeasures according to their own financial development. instead of blindly expanding 
financial coverage. If the risk of money laundering in a country is high, first of all, we need to 
improve the anti-money laundering regulatory system. Secondly, the development policy of 
inclusive finance should strive to be sound to avoid the risk of money laundering harming 
economic growth. If money laundering in a country is low, inclusive economic growth can be 
promoted through the development of inclusive finance. 

As far as the specific situation of China is concerned, the logarithm of attractiveness of money 
laundering is 11.392, which is slightly lower than the sample average. According to the 
estimation of this model, the development of inclusive finance suppresses domestic economic 
growth, and the risk of money laundering in inclusive finance has been more obvious. Therefore, 
China should adopt a cautious attitude towards expanding the coverage of financial services, 
and at the same time, the anti-money laundering efforts of the financial system need to be 
further strengthened. 
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