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Abstract 
Consumption structure refers to the proportion of various types of consumption 
expenditure in the total expenses, which can reflect the level of economic development 
and living habits of residents in different regions. In this paper, the SPSS software is used 
as the main tool to take the consumption expenditures of 31 provinces in China as 
sampling data. Cluster analysis and factor analysis are used to study the change of 
consumption structure, and the comprehensive score of each region is ranked. It is found 
that the consumption structure of residents in China is mainly food, residence, and 
clothing, and there are significant differences in different regions. Meanwhile, the 
relevant analysis is used to study the residents’ living conditions. According to the 
relationship between per capita consumption expenditure and per capita distributable 
income, it is found that the increase of income is the premise of the improvement of 
consumption level and the change of consumption structure. Finally, some suggestions 
are put forward to provide an important reference for optimizing the consumer 
structure and formulating economic policies. 

Keywords 
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1. Introduction 

Consumption is considered an important part of social reproduction. Consumption structure, 
as a core element, is a result of socio-economic development and an important constraint to 
socio-economic development. The consumption structure studies that residents are changing 
with the increase of their consumption expenditure and its change is influenced by various 
factors, such as socio-economic system, industrial structure, regional economic development 
level, etc. In 1993, the National Bureau of Statistics divided residents’ consumer goods into 
eight major categories according to the classification method, including food, clothing, housing, 
household equipment supplies, and so on. With the development of the social economy, the 
change of consumer structure is not only an important issue in the economic field but also 
related to the development of the national economy. The optimization of consumer structure 
not only reflects the improvement of consumer-level and quality but also provides an important 
reference for enterprises to establish a reasonable industrial structure and product structure. 
Through the data of recent years, we can see that the contribution rate of Chinese residents’ 
consumption has been increasing, the role of pulling the economy has been further enhanced, 
and the consumption structure has been upgraded. 
From the available literature, there are more studies on the consumption structure of residents, 
including both macro analysis of 31 provinces across the country and independent studies of a 
specific province. Zang Xuheng and Sun Wenxiang (2003) used the ELES model and AIDS model 
to study the consumption structure of urban and rural residents, indicating that the 
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optimization of urban and rural consumption structure should be carried out in terms of 
improving rural income and deepening the reform of various social welfare systems to optimize 
the consumption environment [1]. Liang Xiaoling et al. (2018) used factor analysis and cluster 
analysis in multivariate statistics to statistical analysis of the consumption structure of urban 
residents in 31 provinces of China and compared it with their regional GDP, finally they 
summarized characteristics and laws of the consumption structure of urban residents in 31 
regions to provide a reference for policy formulation [2]. Hao Dongyang (2011) proposed that 
through the analysis of consumption structure, we could identify the regional disadvantages to 
further optimize the consumption structure and pull the regional economic growth [3]. 
The latest survey shows that the consumption level of Chinese residents has significantly 
improved, and various expenditures have increased significantly. The consumption of Chinese 
residents has changed significantly from focusing on quantitative satisfaction to pursuing 
qualitative improvement, the consumption quality and consumption structure have changed 
significantly [4-9]. The proportion of expenditures in food, clothing, and household equipment 
items have shown an obvious decreasing trend, while the proportion of expenditures in health 
care, transportation, and communication, culture, entertainment, and education services in 
consumption expenditures have increased. Based on this, this paper applies the relevant 
theories in multivariate statistics to qualitative analysis of the data with 31 provinces [10-13]. The 
statistical methods used mainly cluster analysis, factor analysis, and correlation analysis, 
aiming at exploring regional differences in terms of distribution and structure, finding out the 
main influencing factors of the problem and the degree of correlation. This study is conducive 
to the rational guidance of consumption and promotion of economic development, which can 
provide relevant references for the formulation of national economic policies. 

2. The Mentality of Researching 

Various factors are affecting the structure of residents’ consumption, such as gross national 
product, inflation, and residents’ savings [14-16]. Different consumption structures reflect 
different levels of socio-economic development and the consumption habits of contemporaries, 
the consumption structure of residents can be used as the main factor to reflect the 
consumption situation of residents [17]. According to the principles of objectivity, 
comprehensiveness, comparability, simplicity, and operability in the selection of indicators, 
this paper selected the per capita consumption expenditure of residents by region and the per 
capita distributable income of residents in 2018 [18-20]. Among them, the consumption 
expenditure mainly includes food, clothing, housing, transportation and communication, 
education, culture and entertainment, medical and health care, and other supplies. 
With the improvement of economic development, the quality of people’s material life has been 
improved, the consumption of spiritual life has also been improved, and the consumption 
structure has changed a lot regarding the past. In this paper, considering the disparity of 
economic development in different regions, firstly we used cluster analysis to classify the 
consumption of residents, 31 regions were divided into three major categories to conclude the 
regional disparity. Secondly, factor analysis was used to find out the main factors of the 
consumption structure of residents, and the comprehensive score of each region was obtained 
through relevant calculations, then we analyzed the influence of factors and sorted out the 
consumer spending of residents in 31 regions. Finally, the relationship between consumer 
spending and distributable income was explored to provide a reference for the formulation of 
economic policies by using correlation analysis. Based on the above research, the final 
evaluation results were given and analyzed to propose policy recommendations. 
 



Volume 3 Issue 1, 2022 

DOI: 10.6981/FEM.202201_3(1).0075 

624 

Frontiers in Economics and Management 

ISSN: 2692-7608 

Table 1. Per capita consumer spending and per capita disposable income statistics by region 
in 2018 

Region 
Consumptio

n expense 
Food/Wine Clothing Live 

Articles 
for daily 

use 

Transportation/ 
Communication 

Education 
Health 

care 
Others 

Per capita 
disposable 

income 
National 19853.1 5631.1 1288.9 4646.6 1222.7 2675.4 2225.7 1685.2 477.5 28228.0 
Beijing 39842.7 8064.9 2175.5 14110.3 2371.9 4767.4 3999.4 3274.5 1078.6 62361.2 
Tianjin 29902.9 8647.5 1990.0 6406.3 1818.4 4280.9 3186.6 2676.9 896.3 39506.1 
Hebei 16722.0 4271.3 1257.4 4050.4 1138.7 2355.4 1734.5 1540.5 373.8 23445.7 
Shanxi 14810.1 3688.2 1261.0 3228.5 855.6 1845.2 1940.0 1635.1 356.4 21990.1 

Nei Mongol 19665.2 5324.3 1751.2 3680.0 1204.6 3074.3 2245.4 1847.5 537.9 28375.7 
Liaoning 21398.3 5727.8 1628.1 4169.5 1259.4 2968.2 2708.0 2257.1 680.2 29701.4 

Jilin 17200.4 4417.4 1397.0 3294.8 899.4 2479.7 2193.4 2012.0 506.7 22798.4 
Heilongjiang 16994.0 4573.2 1405.4 3176.3 886.4 2196.6 2030.3 2235.3 490.4 22725.8 

Shanghai 43351.3 10728.2 2036.8 14208.5 2095.5 4881.2 5049.4 3070.2 1281.5 64182.6 
Jiangsu 25007.4 6529.8 1541.0 6731.2 1493.3 3522.8 2582.6 2016.4 590.4 38095.8 

Zhejiang 29470.7 8198.3 1813.5 7721.2 1652.4 4302.0 3031.3 2059.4 692.6 45839.8 
Anhui 17044.6 5414.7 1137.4 3941.9 1041.2 2082.1 1810.4 1224.0 392.8 23983.6 
Fujian 22996.0 7572.9 1212.1 6130.0 1223.1 2923.3 2194.0 1234.8 505.8 32643.9 
Jiangxi 15792.0 4809.0 1074.1 3795.2 1047.7 1872.1 1813.0 1000.0 381.0 24079.7 

Shandong 18779.8 5030.9 1391.8 3928.5 1394.3 2834.3 2174.4 1627.6 398.1 29204.6 
Henan 15168.5 3959.8 1172.8 3512.0 1054.4 1838.0 1769.1 1541.5 321.0 21963.5 
Hubei 19537.8 5491.3 1316.2 4310.6 1253.2 2584.1 2187.5 1907.9 487.0 25814.5 
Hunan 18807.9 5260.0 1215.5 3976.1 1190.2 2322.9 2786.2 1705.5 351.5 25240.7 

Guangdong 26054.0 8480.8 1135.3 6643.3 1440.8 3423.9 2750.9 1520.8 658.2 35809.9 
Guangxi 14934.8 4545.7 616.7 3268.5 898.2 2150.1 1798.9 1364.6 291.9 21485.0 
Hainan 17528.4 6552.2 655.9 3744.0 826.6 1919.0 2185.5 1236.1 409.2 24579.0 

Chongqing 19248.5 6220.8 1454.5 3498.8 1338.9 2545.0 2087.8 1660.0 442.8 26385.8 
Sichuan 17663.6 5937.9 1173.8 3368.0 1182.2 2398.8 1599.7 1568.6 434.5 22460.6 
Guizhou 13798.1 3792.9 934.7 2760.7 878.1 2408.0 1660.0 1083.5 280.1 18430.2 
Yunnan 14249.9 3983.4 789.1 3081.1 859.9 2212.8 1772.7 1267.7 283.2 20084.2 
Xizang 11520.2 4330.5 1285.2 2102.6 622.3 1847.7 609.3 460.1 262.6 17286.1 
Shanxi 16159.7 4292.5 1141.1 3388.2 1200.8 2005.8 2008.8 1749.4 373.2 22528.3 
Gansu 14624.0 4253.3 1111.5 3095.0 896.9 1640.7 1710.3 1573.9 342.4 17488.4 

Qinghai 16557.2 4671.6 1350.6 2990.0 932.0 2671.4 1655.6 1842.0 444.0 20757.3 
Ningxia 16715.1 4234.1 1388.2 3014.3 1067.1 2724.4 2139.5 1727.1 420.4 22400.4 
Xinjiang 16189.1 4691.6 1456.0 2894.3 1082.8 2274.4 1762.5 1592.6 434.9 21500.2 

3. Empirical Studies 

3.1. Cluster Analysis 
Cluster analysis is a multivariate statistical method for studying the problem of classifying 
sample or indicator variables. Its purpose is to classify the samples or indicators so that the 
similarity between objects in the same class is higher than other classes, thus maximizing the 
homogeneity of objects within classes and the heterogeneity of objects between classes. The 
idea is to consider each sample as a class and merge the nearest classes according to the 
distance or similarity between classes. After calculating the similarity between the new class 
and other classes degrees, select the best one to be merged until all samples are merged [21]. 
Combined with the research characteristics of this paper, we adopted the classification of K-
means method, which is a non-spectral clustering method with occupying less memory and less 
computation. It divides the samples into K classes, and the value of K can be given in advance 
or generated in the process of clustering. 
To facilitate macro planning and management of per capita consumption expenditure in China, 
we used the data of 2018 counted to cluster 31 regions using the systematic cluster analysis 
method, and the results of the comprehensive cluster analysis were given in the hierarchical 
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classification of per capita consumption expenditure in 31 provinces. The results are shown in 
Table 2. 
 

Table 2. Results of cluster analysis of per capita consumer spending by region in 2018 
Number Region Cluster Distance Number Region Cluster Distance 

1 Beijing 1 2275.232 17 Hubei 3 3088.818 
2 Tianjin 2 3537.248 18 Hunan 3 2379.803 
3 Anhui 3 856.517 19 Guangdong 2 1070.752 
4 Shanxi 3 2274.499 20 Guangxi 3 1934.437 
5 Nei Mongol 3 3183.903 21 Hainan 3 2117.938 
6 Liaoning 3 5014.807 22 Chongqing 3 2941.882 
7 Jilin 3 876.009 23 Sichuan 3 1522.981 
8 Heilongjiang 3 853.379 24 Guizhou 3 3228.878 
9 Shanghai 1 2275.232 25 Yunnan 3 2689.422 

10 Jiangsu 2 2175.626 26 Xizang 3 5686.754 
11 Zhejiang 2 3067.775 27 Shanxi 3 857.827 
12 Anhui 3 963.439 28 Gansu 3 2304.412 
13 Fujian 2 3954.36 29 Qinghai 3 743.611 
14 Jiangxi 3 1236.546 30 Ningxia 3 882.309 
15 Shandong 3 2251.274 31 Xinjiang 3 812.574 
16 Henan 3 1835.776     

 
From the results of the cluster analysis in Table 2, we can see that we classify the per capita 
consumption expenditure of each region into three major categories. The first category includes 
Beijing and Shanghai. The second category includes Tianjin, Jiangsu, Zhejiang, Fujian, and 
Guangdong. The third category includes the rest of the provinces. From the classification results, 
they are clustered into categories according to the similarity of regional economic development 
environment and arranged from the lowest to the highest degree of superior development. 
Among them, Shanghai and Beijing are the economic centers, which are international 
metropolises with classifying as high consumption expenditure category. Tianjin, Jiangsu, et al. 
have better geographical locations and economic scales, they are classified as medium 
consumption expenditure category. The rest of the regions such as Hebei, Shanxi, and Nei 
Mongol are classified as low consumption expenditure categories. Therefore, we can conclude 
that the consumption structure of China residents is compatible with the economic 
development of each region. Usually, the higher the economic level of development, the higher 
the consumption level of the residents. In these cities, their consumption structure is more 
reasonable, and the consumption concept is closer to developmental and enjoyment-oriented. 

3.2. Factor Analysis 
Factor analysis is a technique of data simplification that explores the basic structure in the 
observed data by studying the internal dependencies among many variables, and finally 
representing their basic data structure with a few hypothetical variables. It refers to a statistical 
technique that studies the extraction of common factors from a population of variables using 
the idea of dimensionality reduction, some variables with complex relationships are expressed 
as a linear combination of a few common factors [22]. Factor analysis is a generalization of 
principal component analysis, which represents variables as a linear combination of common 
factors. Compared with principal component analysis, it refers to extracting a few common 
factors that explain variables from data, which is more inclined to describe the correlation 
between original variables. 
Factor analysis is performed on the data using SPSS, and the results of the Kaiser-Meyer-Olkin 
measure of sampling adequacy. The Kaiser-Meyer-Olkin is 0.816, which is greater than 0.6 and 
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closer to 1, indicating that there are more common factors among the variables, and the data 
can be analyzed using factor analysis. 
 

Table 3. Bartlett’s test 
Kaiser-Meyer-Olkin measure of sampling adequacy 0.816 

Bartlett sphericity test Approximate chi square 358.219 
Degree of freedom 28 

Significance 0 
 

Table 4. Total variance explained 
Element Initial eigenvalue Extraction of the sum of squares of loads 

 Aggregate Percentage 
variance 

Cumulative 
percent Aggregate Percentage 

variance 
Cumulative 

percent 
1 6.731 84.132 84.132 6.731 84.132 84.132 
2 0.569 7.118 91.251 0.569 7.118 91.251 
3 0.293 3.66 94.911    
4 0.154 1.928 96.839    
5 0.103 1.283 98.122    
6 0.075 0.935 99.057    
7 0.058 0.724 99.781    
8 0.017 0.219 100    

Extraction method: principal component analysis 
 

According to the total variance explanation results in Table 4, we can see that the variance 
explained by the first factor is 6.731, which accounts for 84.132% of the information. The 
variance explained by the second factor is 0.569, which accounts for 7.118% of the information, 
and the total cumulative variance contribution ratio of the two factors is 91.251%. We also find 
that the eigenvalues between factor 1 and factor 2 absolute value are larger, while the 
difference between other factors is smaller. According to the selection principle that the 
cumulative contribution ratio exceeds 85%, the first two factors are selected as the main factors, 
which can well reflect the information expressed by the eight indicators. 
 

Table 5. Matrix after rotation 

 
Element 

1 2 
Food/Wine 0.929 0.251 

Clothing 0.332 0.886 
Live 0.838 0.457 

Articles for daily use 0.735 0.606 
Transportation/ Communication 0.746 0.594 

Education 0.775 0.545 
Health care 0.417 0.851 

Others 0.747 0.632 
 

In order to better interpret the factors, we need to rotate the factor loading matrix. The purpose 
of the rotation is to redistribute the proportion of variance explained by each factor by changing 
the position of the axes so that the loading coefficients are closer to 1 or 0. From the rotated 
factor loadings matrix in Table 5, we can see that the public factor y1 has large loadings on 
indicators X1 (Food/Wine), X3 (Live), X4 (Articles for daily use), X5 (Transportation/ 
Communication), X6 (Education) and X8 (Others). It indicates that the first factor integrates the 
changes in these aspects and these six aspects are more closely related to the daily life of 
residents. The public factor y2 has large loadings on indicators X2 (Clothing) and X7 (health 
care), which are mainly related to residents’ clothing and medical care, so we define it as the 
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consumption factor of clothing and health care. Collectively, it can be seen that the amount of 
consumption expenditure depends mainly on the first public factor. From the matrix of 
component score coefficients in Table 6, we can obtain the standard factor score scoring 
function model. 
 

Table 6. Component score coefficient matrix 

 
Element 

1 2 
Food/Wine 0.575 -0.47 

Clothing -0.428 0.685 
Live 0.335 -0.176 

Articles for daily use 0.132 0.064 
Transportation/ Communication 0.15 0.043 

Education 0.213 -0.033 
Health care -0.329 0.579 

Others 0.121 0.083 
 

1 1 2 3 4 5 6 7 8               0.575 0.428 0.33 5 0.132 0 .15 0.2 13 0.329 0.121  y X X X X X X X X                        (1) 
 

2 1 2 3 4 5 6 7 8              0.47 0.685 0.176 0.064 0.043 0.033 0.579 0.083 (y X X X X X X X X                        (2) 
 

Table 7. Regional composite score ranking 
Region Y1 Y2 Total score Ranking 

Shanghai 3.0671 1.1400 2.9167 1 
Guangdong 1.9704 -1.3649 1.7103 2 

Beijing 1.5823 2.3470 1.6419 3 
Zhejiang 1.2130 0.5482 1.1612 4 

Fujian 1.2932 -1.3258 1.0889 5 
Tianjin 0.8472 1.5589 0.9027 6 
Hainan 0.9651 -2.0999 0.7260 7 
Jiangsu 0.5265 0.4205 0.5182 8 
Guangxi 0.1169 -1.4734 -0.0071 9 

Anhui 0.0457 -0.8553 -0.0245 10 
Hunan -0.0387 -0.1988 -0.0512 11 

Sichuan -0.0196 -0.4812 -0.0556 12 
Chongqing -0.0794 0.0720 -0.0676 13 

Jiangxi -0.0082 -1.0422 -0.0889 14 
Hubei -0.1792 0.2094 -0.1489 15 

Shandong -0.2619 0.2208 -0.2243 16 
Liaoning -0.3769 1.1634 -0.2568 17 
Yunnan -0.2524 -1.0884 -0.3176 18 
Guizhou -0.4100 -0.9131 -0.4492 19 

Nei Mongol -0.6756 1.0837 -0.5383 20 
Hebei -0.5929 0.0206 -0.5451 21 
Shanxi -0.6127 0.0295 -0.5626 22 
Ningxia -0.8164 0.5359 -0.7109 23 
Henan -0.7974 -0.0806 -0.7415 24 
Gansu -0.7886 -0.2434 -0.7461 25 

Xinjiang -0.8465 0.4119 -0.7483 26 
Qinghai -0.8688 0.4675 -0.7646 27 

Jilin -0.9382 0.7626 -0.8055 28 
Xizang -0.8378 -1.0232 -0.8522 29 
Shanxi -1.0818 0.2437 -0.9784 30 

Heilongjiang -1.1443 0.9543 -0.9806 31 
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Where Xi denotes the variables normalized to the original variables in Table 1. The variance 
contribution of each common factor (84.132% for y1 and 7.118% for y2) is used to derive a 
composite score for each region, which evaluates the consumption structure of residents in 
each region. 
The magnitude of the factor score value indicates the level of consumption of residents in each 
region represented by the factor, a positive score indicates that the residents of the region 
spend more than the average level, vice versa. By comparing the combined scores of each region, 
the level of consumption expenditure of residents of 31 regions in China is ranked, and the 
results are shown in Table 7. There are 10 cities with positive Y1, which have a more developed 
level of economic development. For example, Shanghai, Guangdong, and Beijing have a higher 
consumption level and a higher consumption concept of residents, while Heilongjiang, Shanxi, 
and Xizang have a lower consumption level. We can conclude that residents’ consumption of 
food/wine, live, articles for daily use, transportation/communication, and education are closely 
related to the level of economic development. In the Y2 ranking, Shanghai and Beijing still rank 
high, but Guangdong and Fujian rank relatively low. It indicates that residents’ clothing and 
healthcare are related to economic development, but also influenced by other factors, such as 
climate differences between the south and north, geographical location, and topographical 
characteristics. On the whole, there are only 8 regions with positive total scores, which 
indicates that there are differences in the development of residents’ consumption levels in each 
province. 

3.3. Correlation Analysis 
Correlation analysis is a statistical analysis method to study the correlation between two or 
more random variables of equal status, it is a process of describing the closeness of the 
relationship between objective things and expressing it with appropriate statistical 
indicators[23]. Based on correlation analysis, it is possible to determine whether there is a 
connection between variables and to grasp the direction or closeness of the correlation. The 
correlation degree between two variables is expressed by the absolute value of the correlation 
coefficient. The closer the absolute value is to 1, the higher the correlation degree of the two 
variables. The closer the absolute value is to 0, the lower the correlation degree of the two 
variables. If the absolute value is zero, the two variables are not correlated. In this paper, the 
Pearson correlation coefficient is mainly used to verify the p-value to determine the 
relationship between consumer spending and per capita disposable income in Table 1. The 
larger the correlation coefficient is, the higher the degree of correlation is. The simple 
classification criteria of Pearson correlation are used as the basis of our analysis, 0.8-1.0 is a 
very strong correlation, 0.6-0.8 is a strong correlation, 0.4-0.6 is a moderate correlation, 0.2-0.4 
is weak correlation and 0.0-0.2 is very weak correlation or no correlation. 
 
Table 8. Coefficient of correlation between regional per capita consumption expenditure and 

per capita disposable income 

  Consumer spending Per capita 
disposable income 

Per capita 
consumption expenditure Pearson Correlation 1 0.988 

 Sig.  0 
 Number of cases 31 31 

Per capita 
disposable income Pearson Correlation 0.988 1 

 Sig. 0  
 Number of cases 31 31 
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As can be seen from Table 8, the correlation coefficient between consumption expenditure and 
per capita disposable income is as high as 0.988. According to Pearson’s discriminant criterion 
mentioned above, it can be seen that there is an extremely strong correlation between the two 
variables. The per capita disposable income positively affects residents’ consumption 
expenditure. In developed cities such as Beijing and Shanghai, residents have more 
employment opportunities and higher employment salaries, so the per capita disposable 
income is higher than in other cities, and consumption expenditure will also increase. It can be 
seen that the rapid development of the national economy has led to the increasing disposable 
income of the people, which brings about the increase of consumption level and the speed of 
development of consumption level. In other words, we can know the level of consumption 
expenditure of the residents of a country from its per capita disposable income, and the degree 
of development of the country largely affects the level of consumption expenditure of the 
residents of the country. 

4. Results and Discussion 

This paper took the per capita consumption expenditure of 31 regions in China as the main 
sample data, using cluster analysis to categorize 31 regions and factor analysis to derive the 
comprehensive score, then summarizing the characteristics of the consumption structure of 
residents. With the rapid economic development in recent years, the per capita income of 
residents has risen while the consumption level has increased significantly, which shows 
obvious affluence-type characteristics. The increase of income is the precondition for the 
increase of consumption level and the change of consumption structure. Finally, this paper 
explores the relationship between per capita consumption expenditure and per capita 
disposable income by using correlation analysis. In response to the above research findings, the 
recommendations are as follows. 
Firstly, improving the level of cultural, educational, and entertainment consumption. In order 
to improve people’s living standards, it is necessary to enrich their spiritual and cultural life 
and to improve the cultural and entertainment literacy of people. The government can adopt 
reasonable measures to regulate the consumption structure of urban residents, actively guide 
the residents’ entertainment consumption to entertainment enrichment, effectively increasing 
the residents’ investment in lifelong learning and entertainment. 
Secondly, increasing the regulation of clothing and housing. Clothing consumption expenditure 
accounted for the total proportion of growth. on the one hand, it reflects that the residents of 
clothing consumption to brand with the continuous improvement of consumption ability. On 
the other hand, it also reflects the market follows the needs of consumers. At the same time, 
housing regulation should also be given attention to minimize speculation, deliberately inflated 
high prices, and other unhealthy market phenomena. The government should increase the 
implementation of housing security policy, finance, taxation, and other departments should be 
in the implementation of government housing policy objectives to achieve the same goal to 
make the correct consumer guidance. 
Thirdly, reducing the regionalized development differences. The differentiation of regional 
economy leads to the imbalance of consumption structure, thus making a big difference 
between the consumption habits of residents in developed regions and remote regions. To 
balance the consumption structure of each region, we should highlight the leading role of the 
eastern region, take the eastern region as the main region to develop the consumer market, 
focusing on cultivating high-level consumption hotspots. For the government, it should clarify 
the division of functions of regional management to perform the economic regulation, market 
supervision, and public service responsibilities. 
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