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Abstract 
To study the mountain atmospheric environment more in-depth, this paper uses 
traditional ground-based observations corresponding to weather radar data, sounding 
data, satellite data, background field, and topographic cloud precipitation process from 
2018 to 2020, and conducts a comprehensive and in-depth study. This paper uses edge 
computing technology to understand the characteristics of regional cloud precipitation 
process, mountain circulation, high and low altitude flow field characteristics and 
background field, physical quantity field and radar echo, and conduct analysis and 
research. Studies have shown that the westerly zone circulation system, the plateau 
monsoon system, and the East Asian and South Asian monsoon systems are the main 
elements of mountainous atmospheric ecosystem management. In addition, this article 
applies edge computing to the study of tourism consumer decision-making models. The 
development of mobile Internet technology is increasingly changing the lifestyles of the 
masses, and at the same time has a significant impact on the way tourists travel and 
booking. More and more residents choose to book travel, accommodation or tourism 
products through mobile Internet terminals. Nowadays, many people are accustomed to 
and understand how to handle mobile services. They tend to use mobile Internet 
terminals to make decisions for travel consumption. This article uses mobile computing 
to cater to the growing group of professional tourism consumers and conducts in-depth 
research on the factors that affect tourism decision-making. Edge computing technology 
provides new insights into tourism consumer decision-making models and the impact of 
mountain environments. 

Keywords 
Edge Computing; Mountain Atmospheric Environment; Tourist Consumers; Decision-
making Model. 

1. Introduction 

An objective analysis of the influence of the mountainous atmospheric circulation system is the 
prerequisite for the development and utilization of mountain air and water resources 
(Abolhoseini et al. 2020). The circulation system in the northwestern region can be divided into 
three types, namely, the west wind zone affected by the climate in the western and central 
northern regions, and the monsoon climate zone in the central-southern plateau(Amir et al. 
2020). And the East Asian monsoon climate influence area. The mountain terrain is located at 
the intersection of the three circulation systems and can be affected by multiple circulation 
systems at the same time(Abdelkarim and Gaber 2019). The atmospheric circulation system 
creates favourable meteorological conditions for precipitation, and terrain conditions that are 
conducive to triggering unstable energy can also cause precipitation(Ahmad et al. 2018). 
Therefore, the study of the circulatory system helps to analyze meteorological conditions, such 
as the prevailing air currents that cause precipitation(Allen and Ingram 2002). The effect of 
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terrain uplift contributes to the formation of clouds and the development of precipitation, and 
at the same time changes the physical structure of clouds and the nature of precipitation on 
land, and also affects or changes the mechanism of precipitation(Almazroui and Saeed 2020). 
Mountain precipitation is the main source of water downstream, and topographic cloud 
precipitation accounts for a large proportion of the total precipitation in mountain C(Basarir et 
al. 2018). Artificial precipitation can enhance the benefits of topographic clouds and play an 
important role in the development of mountain cloud water resources. Therefore, the use of 
mobile computing in this article is of great significance to the nature of the circulation field in 
mountainous areas(Benzateret al. 2019). With the rapid development of China's social 
economy and the steady increase of residents' income levels, the continuous growth of national 
tourism demand has made the tourism industry a strategic pillar of China(Berg et al. 2013). At 
the same time, compared with traditional industries, the tourism industry is more flexible and 
faster in applying new technologies and introducing new models(Berolo and Laborde 2003). 
Therefore, with the popularization of the mobile Internet, the tourism industry is gradually 
changing. Mobile Internet has not only changed people's lifestyles but also has an 
unprecedented impact on the way tourists travel(Bhatla et al. 2019). Taking full advantage of 
the good opportunities of the development of the mobile Internet, tourists use mobile devices 
to search for travel information to make decisions on the consumption of personal travel 
services(Blanchet et al. 2018). This has become a common feature of the current travel market 
and a trend in the development of China's travel industry in the future(Breugem et al. 2020). 
Therefore, this article is based on mobile computing technology, focusing on the factors that 
affect tourists' tourism consumption decision-making, combined with related theories and 
research results, using questionnaires to collect necessary data, and using empirical research 
to analyze tourism in the context of mobile Internet, which affects the importance of tourists' 
tourism consumption decision-making factors and how to influence the tourism consumption 
decision-making behaviour of tourists, discuss how tourism companies can better conduct 
marketing and promotion for tourists(Byun and Hamlet 2020). 

2. Materials and Methods 

2.1. Tourism Consumer Decision Model Data Collection Using IoT 
Located in area C on the northeast slope of Plateau A, the surrounding environment is complex. 
It borders the A basin to the west, and the source of the B river to the southwest; the northeast 
slope is close to the C corridor, which is a parallel line extending from the northwest to the 
southeast(Caloiero et al. 2016). The mountains are high and the valleys are wide. The 
mountains are more than 1,000 kilometres long and 300 kilometres wide(Carvalho et al. 2014). 
The peaks above 4000 meters above sea level are covered with snow all year round, and the 
valleys are 3000-3500 meters above sea level. The mountains on the north side are steep, with 
a relative elevation difference of about 2000 meters and hills on the south side(Chandrashekar 
and Shetty 2018). The relative height difference is 500-1000 meters. Mountain D is a natural 
solid reservoir in Corridor C. They create and maintain glaciers, rivers and oases and constitute 
an ecological barrier in the northwestern region. Mountain C can be divided into three parts 
from east to west: the middle section of Mountain C is from the west of Lake A to the east of 
Lake B, the east of Lake C is Shandong, and the west of Lake C is Shanxi(Chattopadhyay et al. 
2019). Mountains are inland, but they have a significant impact on increasing mountain water 
volume, using water resources more efficiently and developing water resources. This is also the 
question explored in this article. C. The mountainous terrain is complex, which determines the 
complexity of the airflow situation. Studies have shown that mountain airflow tends to affect 
other meteorological elements, so it is very important to study the mountain airflow field(Chen 
et al. 2018). 
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2.2. Research Materials 
Using mountains and surrounding areas (94oE-104oE, 36oN-40oN), conventional ground-
based observations (including 46 national conventional meteorological stations, including 6 
sounding stations), radiosonde from January 1, 2018, to December 31, 2020, Instrument data, 
radar data observation, and infrared cloud image data observed by the FY2 satellite projected 
by Lambert. This paper adopts the mid-term analysis data of ERA Europe Center and the global 
reanalysis data of the European Mid-range Weather Forecast Center(Cooper 2019). It adopts 
the updated 4D assimilation technology, the physical model is more optimized, and a large 
number of satellites are assimilated. The data assimilation system is better than ERA-40 and 
has a high temporal and spatial resolution(Drobinski et al. 2016). The C mountain range with 
complex terrain and sparse observation stations has certain applicability. Good results have 
been achieved in the study of complex underlying surfaces such as A plateau. The research 
scope of this article is 94o-104oE, 36o-40oN, the spatial resolution is 0.125X0.125, and the time 
resolution is 4 times a day, namely 00:00, 06:00, 12:00, 18:00, and the data continues Time-
ERA-Intermediate elevation and surface wind field data from 1981 to 2020. The circulation 
conditions and characteristics of the high and low current fields that control Mount C are 
analyzed and classified. 

2.3. Algorithm Principle 
2.3.1. Velocity Potential and Divergent Wind 
According to Krishnamurti, horizontal wind can be divided into two parts: non-divergent (or 
rotating) and divergent (or non-rotating), as in formula 1: 
 

                                                              (1) 

 
It is particularly important to study the convergence of atmospheric divergence that drives 
tropical vertical motion and circulation. Therefore, when studying vertical wind, this article 
focuses on the period of vertical velocity and meridional wind divergence. The calculation of 
divergence wind refers to the maze potential, which is obtained by solving the Poisson equation 
with divergence as the motion condition, as shown in formula 2. 
 

                                                                                 (2) 

 
Where D is the horizontal divergence. In the spherical coordinate system, the relationship 
between the divergent wind and the velocity potential is described as formula 3: 
 

                                                                          (3) 

 
All API service requests come from two aspects, so the overall rate of API service requests can 
be described by Equation 4: 
 

                                                   (4) 

 
The optimized use of K-Edge servers in the edge network is specifically defined as Formula 5: 
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                                                                       (5) 

2.3.2. Self-organizing Mapping Method (SOM Method) 
The mechanism is as follows: the closer to the winning neuron, the higher the arousal intensity; 
the farther away from the winning neuron, the easier it is to be inhibited; when the distance 
exceeds a certain range, the arousal is weaker. Therefore, the closer the distance between them, 
the more similar the functions of neurons. The self-organizing neural display network is an 
artificial neural network that simulates the above-mentioned functions of the brain's nervous 
system. Therefore, the more similar the input samples, the closer the distance between the 
corresponding output neurons. 

2.4. Research Methods 
Mobile edge computing technology empowers mobile users with the IT and cloud computing 
capabilities of wireless access networks, enabling computing-intensive application services to 
be found and delivered to mobile users within a short distance, creating a low-latency, high-
bandwidth wireless network and reducing The bandwidth requirement of the return flight 
significantly reduces operating costs. Based on the LTEA transmission network principle, the 
edge server can be represented in three different hierarchical structures according to the 
configuration model of the user's near-end and far-end edge servers. Due to the high cost of 
edge servers, the number of deployments is far less than the number of SDN-based APs. 
Therefore, this article reflects the quantitative relationship between the two in the real scene, 
setting the edge server value range to [1.4], and the number of APs to [10.40], as shown in Table 
1. 
 

Table 1. Experimental simulation parameter table 
Experimental parameters Numerical value 
Number of edge servers [1,4] 

Number of APs [10,40] 
Number of mobile devices [200,1000] 

Average data volume of service requests [20,100]KB 
AP failure probability [0.05,0.08] 

Link failure probability [0.02,0.08] 
Network attachment rate 2 

AP maximum data transmission rate 1.0Gbps 

 
If more than half of the mobile device requests on the edge network are provided by this service, 
then GSDA can find a roughly optimal solution. The comparison of the computational 
complexity of these different algorithms is shown in Table 2. 
 

Table 2. Comparison table of calculation complexity of service optimization configuration 
algorithm 

Algorithm Computational complexity 
OESDA O(|M|·|V|2) 

LAHSDA O(|M|·|V|·k·(|V|+|M|)) 
CEHSDA O(k·|V|·|M|2·(|V|+|M|)) 
SEHSDA O(k·|M|2·|V|3) 

GSDA O(k·|M|·|V|2) 
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3. Results 

3.1. Circulation Influence System Analysis 
The SOM method was used to cluster and separate the 500hPa wind direction prevailing in the 
study area from 1981 to 2020. In one year, the division changed, and the location changed from 
north to south or from east to west. The mountains were mainly divided into 3 areas: the 
northwest part was area A, Area A is dominated by northwest airflow, and the southern slope 
of Mountain C is the area. Areas B and B are dominated by southwest wind, the eastern slope is 
area C, and area C is dominated by the southeast wind. The frequency of prevailing wind 
directions in the wind field after mountain accumulation and division is considered monthly. 

3.2. Surface Flow Field Characteristics 

 
Figure 1. The frequency distribution diagram of regional convergence flow field generation 

(the black dot is the convergence centre, and the straight line is the convergence zone) Beijing 
time: (a) 08 Hour; (b) 14 o'clock; (c) 20 o'clock; (d) 02 o'clock 

 
Through the seasonal and time analysis of the average surface wind field in the region from 
1981 to 2020, this paper understands the seasonal and day-night characteristics of the 
prevailing airflow on the surface of C Mountain, as shown in Figure 1. This paper observes the 
diverging air currents at night in winter. The prevailing wind direction on the earth is 
dominated by northerly winds, diverging along both sides of the western ridge, while the 
Middle East diverges on both sides of Lenglongling. It can be seen that there is an east-west 
bifurcation line running through the main ridge. Compared with summer nights, the prevailing 
wind direction on the ground is dominated by southerly winds, and the yaw air currents in the 
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Middle East are more obvious. Comparing the two images, it can be seen that after the ridge air 
flow diverges to both sides, the east side is corridor A, and the west side extends from the B 
basin to the C lake. This also shows the range of influence that can be reached by the local valley 
wind circulation in the mountains. According to the seasonal and diurnal variation 
characteristics of the surface wind field in the C mountain range and adjacent areas, it is 
determined that there is a convergence zone in the northwest and northwest in the C mountain 
range during the day, especially in summer, as shown in Figure 1. 
Using the reanalysis data, the precipitation of C Mountain from July to August was statistically 
averaged, and the results are shown in Figure 2. On the one hand, maintaining a large-scale 
environmental field can maintain the convergence line of the earth. The system is relatively 
complete and continuously provides kinetic energy for the convergence and uplift, which helps 
to generate more rainfall around the convergence line. On the other hand, the main reason is 
that the airflow moves northwest or northeast under the guidance of the high-altitude 
controlled airflow after the topographic cloud layer converges and rises, leading to 
precipitation in the north. 
 

 
Figure 2. The frequency distribution of the convergence flow field generation in the mountain 
area (the black dots are the convergence centres) and the monthly average precipitation area 

from July to August Domain distribution 
 
Analyzing the surface wind field in the C mountain range and its surroundings, it is also found 
that another common feature of the surface flow field in the C mountain range is the saddle field. 
Saddle-shaped fields are a common flow field situation from July to August. According to 
statistics, there were 244 cases in July-August, 35 of which were saddle-shaped fields, 
accounting for 14.3%. Figure 3 shows the saddle-shaped field formed by the northwest airflow 
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and the southeast airflow. At 98.5°E, 37.7°N, on the west side of the expansion axis, a convergent 
centre is formed under the combined action of the southwest airflow. 
 

 
Figure 3. The characteristics of the saddle-shaped flow field on the ground (the coloured 

figure shows the 6-hour cumulative precipitation at the corresponding time) UTC (a) July 5, 
2020 Day 18:00; (b) August 8, 2020 6:00; (c) August 20, 2020; (d) August 20, 2020 18:00 

 
According to the ERA-interim reanalysis data, 1,460 samples were counted at 00:00, 06:00, 
12:00 and 18:00 in 2020. The analysis provides the classification of the intermediate surface 
flow field and the frequency of various surface flow fields. as shown in Table 3. 
 

Table 3. Occurrence frequency of various types of the surface flow field 

Month (a) Northwest 
airflow type 

(b) Northwest to a 
northeast airflow 

pattern 

(c) Southeast or 
southerly airflow 

type 

(d) southeast to a 
northeast airflow 

pattern 
January 47.6 1.6 0.0 0.0 

February 58.9 0.9 0.0 0.0 
March 51.6 7.3 11.3 0.0 
April 43.3 25.0 6.7 2.5 
May 21.0 20.2 24.2 1.6 
June 17.5 28.3 34.2 6.7 
July 16.9 17.7 28.2 8.9 

August 14.5 17.7 23.4 19.4 
September 29.2 15.8 10.0 10.8 

October 38.7 8.9 12.1 8.1 
November 35.0 13.3 2.5 0.0 
December 37.1 1.6 4.0 0.0 

Annual 34.3 13.2 13.0 4.8 
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3.3. Analysis of Tourism Consumer Decision-Making Model 
First study the sales strategy of the tourism supply chain, study the comprehensive sales 
strategy and personal sales strategy. Examine two different sales strategies of essential tourism 
products and alternative tourism products: independent sales strategy and comprehensive 
sales strategy. The structure of the tourism supply chain is shown in Figure 4. 
 

 
Figure 4. The structure of the tourism supply chain under different dominant forces 

 
Investigating the influence of different sales channels on the different sales strategy decisions 
of participants in the tourism supply chain. With the popularity and rapid development of the 
Internet and the rapid development of the online travel industry, traditional travel agencies are 
facing huge challenges in integrating travel resources and selling travel products. In the context 
of tourism product suppliers with networks and travel agency sales channels, the service level 
will affect the pricing and demand of participants in the tourism supply chain. The structure of 
the tourism supply chain is shown in Figure 5. 
 

 
Figure 5. Dual-channel tourism supply chain structure 

 
Finally, due to the damage caused by too many tourists in scenic spots and the potential threats 
to personal safety, the tourism supply chain network that limits passenger flow and guarantees 
the quality of tourism products and services has established a service quality monitoring 
mechanism and an appropriate reward and punishment mechanism. Applying the variational 
inequality method to maintain balance in the tourism supply chain network, the network 
structure of the tourism supply chain is shown in Figure 6. Based on the idea of systems 
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engineering, research tourism supply chain solutions for different sales strategies. The supply 
chain structure ranges from simple to complex, and the research topics range from micro to 
macro, providing theoretical support for participants in the tourism supply chain. 
 

 
Figure 6. Network structure of tourism supply chain 

 
The returns of tourism product suppliers under different sales models are shown in Figure 7. 
 

 
Figure 7. Profits of tourism product providers 

 
Whether in a bundled sales model or a separate sales strategy, Stackelberg is a unified sales 
strategy led by travel service providers, with higher profit margins. As part of a separate sales 
strategy, alternative tourism project providers will obtain greater profits. Because compared 
with the cost of the mandatory travel provider, the cost of the alternative travel provider is 
lower. When the market size is not too large, for the mandatory travel agency in the integrated 
sales model, when the travel agency is the leader of Stackelberg, its profit margin is the lowest. 
When it exceeds a certain range, when the travel agency is the leader of Stackelberg, its profit 
is the lowest. The total profit of tourism product suppliers under different sales models is 
shown in Figure 8. 
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Figure 8. The overall profit of tourism product providers 

 
Through the analysis and summary of the market size, with the help of a large number of 
relevant domestic and foreign research literature, combined with previous literature research, 
this paper preliminarily conceives and formulates the measurement indicators of five research 
parameters of tourism motivation: estimated cost, subjective norms, target image and target 
decision, As shown in Table 4. 
 

Table 4. Measurement indicators of research dimensions 
Variable Question item 

Travel motivation 

The main reason for choosing travel is to relax and entertain the mind and body 
Choosing to travel is to increase knowledge and experience a different life 

Choosing travel is for visiting relatives 
I choose to travel because all my friends and relatives around me choose to travel 

Choosing to travel is to find overseas business opportunities 
Choosing travel is for shopping 

Perceived cost 

Consider the cost of accommodation in travel destinations 
Consider the cost of transportation to and from the tourist destination 

Consider the price level of tourist destinations 
Consider the cost of time spent in travel destinations, whether it affects work 

Admission fees to tourist attractions considering the destination 

Subjective norms 

Advertising website to promote tourism 
Travelling friends say travel is more interesting than domestic travel 

Travel in line with personal preferences 
Family and friends support this tour 

 
In terms of validity, the respondents' score on the questionnaire is usually related to another 
validity criterion, and the validity is expressed by the magnitude of its correlation coefficient. 
The higher the correlation coefficient, the higher the reliability of the questionnaire. Validity 
points include content validity and structure validity. In this paper, structure validity is used 
for analysis, and factor analysis is used to measure the structure validity of the questionnaire. 
KMO and Bartlett tests are commonly used indicators to measure the practicality of factor 
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analysis. The KMO value is close to 1, indicating that the developed scale is more and more 
suitable for factor analysis, as shown in Table 5. 
 

Table 5. Measurement indicators of research dimensions 
KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0.844 

Bartlett's Test of Sphericity 
Approx.Chi-Square 3576.765 

df 325 
Sig. 0.000 

4. Discussion 

4.1. Influencing Factors of Tourism Consumer Decision-making 
The general consumer purchase decision model is the most basic consumer decision model, 
which reflects the complex consumer psychology of consumers and the implementation 
process of consumer purchasing behaviour. The model shows that physical stimulation, 
psychological stimulation and environmental factors received by customers are the main 
reasons why consumers are interested in buying. In this case, the purchase motivation of 
consumers is a family of motivations, composed of main motivations and common motivations. 
Driven by the active machine, customers take the initiative to collect information from all angles 
to understand the products and services they want to buy. After analyzing and comparing the 
information, they decide to purchase a product or service and continue to implement their 
specific purchase behaviour. After the consumer completes the purchase behaviour, he usually 
scores the sales channel of the purchased product or service and the service process of the 
manufacturer. This process reflects the basic decision-making process of the consumer. The 
Howard-Xie Si consumer decision model summarizes the factors that affect consumer 
behaviour from four dimensions: stimulus or input factors, external factors, internal factors 
(internal processes), reaction or output factors. Among the above four factors, the first factor 
(ie, incentive or input factors) and the second factor (ie, external factors) are the trigger factors 
that induce consumers to buy. The main function of these factors is to activate consumers' 
desire to buy and generate corresponding motives, and the buyer's psychological activities 
indicate the purchase and consumption of certain products or services. 

4.2. Promote the Decision-making Strategies of Tourism Consumers 
This article is mainly devoted to researching the factors that influence the travel decision-
making of tourism consumers. The main content is to clarify the relationship between the 
influencing factors and the decision-making of tourism destinations. This paper constructs four 
factors of tourism motivation, subjective norms, destination image and estimated cost, and 
studies the model of the influence of two factors on the decision-making of tourism destinations 
to study the influence of various factors on tourism decision-making. 

4.3. Influencing Factors of Tourism Consumer Decision-making 
4.3.1. Tourism Motivation has a Positive Impact on the Decision-Making of Tourist 

Destinations 
Among the four factors selected in this article, tourism motivation has a positive effect on the 
decision-making of tourism destinations. In other words, if consumers are interested in 
travelling to a specific destination, this will greatly facilitate the choice of destination. A mobile 
machine is a prerequisite for consumers to travel, and it is also a prerequisite for making travel 
destination decisions. Travel motivation is an indispensable driving factor among all 
influencing factors. It is part of the so-called potential demand concept. Only motivation can 
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specify the potential demand and lay a solid foundation for the ultimate realization of the 
demand. In addition, different types of motives have different degrees of influence on the 
decision-making of tourist destinations. 
4.3.2. Perceived Costs have a Negative Impact on the Decision-Making of Tourist 

Destinations 
In the literature based on previous research, this article finds that there is much literature on 
the factors that affect the decision-making of travel destinations, but there are few studies on 
cost constraints. This kind of research pays too much attention to the positive side, ignoring the 
objective facts that should exist reasonably in reality, and greatly reducing the practicality of 
research results. The research in this article concludes with questionnaire surveys and data 
analysis that the estimated cost has a negative impact on the decision-making behaviour of 
destination consumers. This also shows that in real life, with the continuous development of 
the economy and society, people's living standards are improving day by day. People's life 
needs are no longer limited to basic physiological needs, and more experience needs have 
attracted people's attention. On this basis, the tourism industry has developed vigorously in 
line with the development trend of the times. At the same time, the exchanges between 
countries in the world are getting closer, and tourism has become a good choice in people's 
hearts. According to statistics from the National Tourism Administration, the number of 
Chinese tourists has continued to grow rapidly in recent years, with an increase of 479% in 10 
years. The tourism industry is different from the general physical industry in that the products 
it provides are often intangible and can only be experienced by consumers on the journey. 
However, when consumers choose a tourist destination, they will look for all kinds of 
information and make a final decision after careful consideration. Consumer behaviour in this 
process is more complicated and depends on many factors. This article aims to clarify the key 
points for consumers to make travel decisions by analyzing the factors that affect consumers' 
destination choices, gaining a deeper understanding of consumer travel behaviour, and 
formulating more targeted and effective marketing strategies. Consumers are still very 
sensitive to expected costs, which may play an important limiting role in travel destination 
decisions. 
4.3.3. Subjective Norms have a Positive Influence on the Decision-Making of Tourist 

Destinations 
In the analysis and definitions so far in this article, subjective norms refer to the combination 
of internal and external driving factors among influencing factors. According to the definition 
of subjective norm, it is the norm that consumers perceive in the social group they are in and 
produces a series of psychological behaviours such as herd mentality. From the perspective of 
internal factors, consumers regard themselves as the norm of a social group. From the 
perspective of external factors, these are the established norms and standards formed by 
external groups under the influence and action of the general environment. Therefore, it can be 
seen as a coherence factor between internal and external driving factors. The result of the 
research in this article is that subjective norms have a positive impact on the decision-making 
of tourist destinations, which also confirms the word-of-mouth mentioned in marketing to a 
certain extent. Good word-of-mouth can guide consumers to make choices and decisions. 
4.3.4. The Image of the Destination has a Positive Impact on the Decision-making of the 

Tourist Destination 
The destination image plays an external role in the decision-making of tourist destinations. If 
consumers have certain motivations, a good destination image can make consumers full of 
expectations and desires, and hope that they can come to a relaxed and beautiful environment. 
relax. The region selected in this article is in the south, with beautiful mountains and rivers, 
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beautiful scenery, and simple folk customs, which can convey such artistic imagination to 
consumers. 
4.3.5. Demographic Characteristics have a Significant Impact on the Destination 

Decision-making of Tourism Consumers 
From the data collected during the research, it can be seen that the data roughly corresponds 
to the baseline state of the normal distribution, which may indicate to a certain extent that the 
sample is random. Using regression analysis, it is easy to determine the demographic 
characteristics of age, education level, annual income and annual travel time, which have a 
positive impact on the choice of destination. The data shows that the older the age, the more 
autonomous and tolerant decisions made when choosing a destination, the higher the level of 
education, the higher the quality of consumers, the higher the awareness of tourism, the more 
opportunities. They search through resources, research, analyze, and finally decide where to go. 
The higher the income level, the more spiritual needs after the physiological needs are met, and 
the easier it is to reduce costs in the decision-making process. The more trips in a year, the more 
consumers can analyze travel destinations from different perspectives and finally make 
rational decisions. Therefore, demographic characteristics usually significantly affect the choice 
of tourist destinations. 
4.3.6. The Extent of the Influence of Tourism Motivation on the Decision-making of 

Tourism Destinations 
All the hypotheses in this article have been tested, but the conclusion of the empirical analysis 
also shows the degree of influence of each factor in the entire influence process. It can be seen 
from the model data that the actual perceived cost of the four factors has the greatest impact at 
the level of -0.343, indicating that consumers make more rational travel decisions after their 
actual travel and their physiological needs are met, and they can meet travel needs. The three 
positive factors in this article have no difference in the degree of influence on consumer travel 
decisions and are almost at the same level, which may indicate that these three positive factors 
are complementary to each other. Relatively speaking, the order of destinations from largest to 
smallest represents the destination's image, subjective norms and tourism motivation. Facts 
have proved that destination image and subjective norms have a greater impact on consumer 
decision-making than tourism motivation. Therefore, building a good tourist destination and 
establish a good reputation as a service company has become the focus of corporate attention 
and efforts. 

4.4. Relevant Marketing Suggestions Promote Consumer Decision-making 
Nowadays, due to the continuous development of the tourism industry, consumers' demand for 
tourism is increasing, and the tourism industry is constantly being regulated. Consumer travel 
is a process of participating in the experience. Compared with physical marketing, this type of 
marketing is more complicated and requires higher business efficiency. This article draws some 
conclusions by studying the influence of the four factors of destination image, subjective norms, 
tourism motivation and the estimated cost of choosing a tourist destination. 
4.4.1. Strengthen the Research and Development of Tourism Products and Build a 

Tourism Product Line with Local Characteristics 
Whether it is physical marketing or intangible service marketing, the products provided are the 
basis for the implementation of all marketing activities. In addition, the reason why consumers 
are willing to spend a lot of money on travel is that they can experience an exotic atmosphere 
different from their home country. Therefore, when developing tourism products, travel 
agencies should strengthen alliances with foreign tourism companies, jointly explore the 
uniqueness of foreign tourism market products, integrate and develop tourism routes with 
different themes, so that consumers have more choices and experience different experiences. 
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Building a good product line can increase the motivation of consumers to travel to the region 
to a certain extent, and provide the most solid foundation for making travel destination 
decisions. 
4.4.2. Reduce Overall Travel Costs and Improve the Comprehensive Competitiveness 
In the research of this article, the perceived cost has the greatest impact among the four 
influencing factors. Therefore, travel agencies should increase the construction of cooperation 
channels, reduce communication and channel costs, increase the number and scale of tourism, 
realize economies of scale, and use complex strategic cooperation to improve overall 
competitiveness. 
4.4.3. Implanting Destination Culture to Enhance Consumers' Perception of 

Destination Image 
In previous studies, it was found that destination image has a positive impact on consumers' 
decision-making when choosing a travel destination. The introduction of targeted culture can 
allow consumers to perceive a more targeted image, and the consistent overall cultural 
dissemination of travel agencies can improve consumers' perception of the image of a tourist 
destination. For example, the culture of ethnic minorities is very strong, and several of the most 
cultural villages can be extracted for rendering so that visitors can experience the strongest 
cultural atmosphere. In addition, it is necessary to create a generally friendly and safe 
environment. For example, in areas prone to war, the possibility of consumers choosing 
consumption is very low. 
4.4.4. Travel Agencies Expand Publicity Channels and Increase the Target Audience’S 

Acceptance of Publicity Information 
In the era of continuous development of the Internet, consumers can obtain a wide range of 
information about the image of tourist destinations. The use of online advertising is very 
important: create special website advertisements on travel agency portals to provide 
customers with a more professional display image. At the same time, use Weibo and WeChat 
forwarding methods to introduce cultural implants and legends in the form of beautiful texts, 
and increase the frequency of the potential customer group sending and collecting this data to 
learn more about the potential target customer group. Or, you can recommend the beauty and 
customs of Taiwan tourism for a long time through a blog, or introduce or launch a tourism 
strategy. A forum movie can increase the advertising acceptance of the target audience. In 
addition, for older customers, traditional newspapers and magazines should remain as they are, 
rather than completely abandon them. 
4.4.5. Strengthen the Construction of Travel Agency Services and Lay a Solid 

Foundation for Good Word-of-mouth Marketing 
Tourism is a service industry, and disputes between consumers and travel agencies often stem 
from dissatisfaction with services. With more emphasis on service quality today, it is 
particularly important to strengthen the development of the tourism service industry. The 
research results of this article also mentioned that subjective norms have a positive impact on 
travel decisions, subjective norms are consumers’ perception of pressure or norms brought by 
surrounding groups, word of mouth is one of them. Oral communication with close family and 
friends can greatly influence consumers' decision-making. Therefore, strengthening the 
construction of travel agency services is very important in the entire process of consumer travel. 

5. Conclusion 

To make rational use of mountain cloud water resources and have a more comprehensive and 
in-depth understanding of the background field and topographic process of mountain cloud 
precipitation, this article uses conventional ground-based observation data, relevant weather 
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radar data, detection data and satellite data, as well as altitude and height data, from 2018 to 
2020. Weak wind field data in the mid-term ERA data from 1981 to 2020 are used to determine 
the circulation conditions, high and low altitude characteristics, weather background field, 
physical size field, and radar echo characteristics of the precipitation process in the cloud of the 
C mountain range. Carry out analysis and research, hoping to lay the foundation for the C 
Mountain shadow operation and the rational use of cloud water resources. The circulation 
systems that dominate the ridge mainly include the westerly belt circulation system, the 
plateau monsoon system, and the East Asian and South Asian monsoon systems. This area is 
also affected by the boundaries of the three systems. Four main types of weather conditions are 
conducive to precipitation, namely high-altitude westerly cold trough of cold advection type, 
Mongolian cold vortex (trough) type, plateau low-value system (cold trough, shear and low 
vortex) type, and southwest air blocking type. Mountain terrain is complex and mountain peaks 
vary in height. The current research is only the preliminary application of mobile computer 
technology to understand the background characteristics of mountain streams, the weather 
background field of the terrain cloud process, the characteristics of radar echoes, and the 
changing characteristics of the current field of terrain mountain clouds. This paper uses mobile 
computing technology to sort out the baseline research based on domestic and foreign tourism 
destination decision-making research, and determine the key factors that affect consumers' 
decision-making on tourism destinations, including consumer travel motivation, perceived cost, 
subjective norms, destination Image. Based on previous research, a conceptual model of the 
factors influencing consumer tourism destination decision-making is established, and the 
hypothesis is put forward: tourism motivation has a positive influence on tourism consumers' 
decision-making on destinations, and estimated costs have a negative impact. The subjective 
norms of tourist consumers have a positive influence on the decision-making of tourist 
consumers, and the image of the tourist destination has a positive influence on the decision-
making of tourist consumers. To test this hypothesis, the work developed a scale, collected 
research data by issuing questionnaires, and used appropriate software for reliability and 
validity analysis, factor analysis and other methods to test the hypothesis. Finally, all the 
hypotheses of the research were tested and based on the research results, targeted marketing 
suggestions for outbound tourism were put forward, which provided theoretical suggestions 
for the development and expansion of the company's tourism market. 
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